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Modelling and Simulation of a Production System Towards a Digital Twin
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Department of Industrial and Materials Science
Chalmers University of Technology

Abstract
This master thesis is a part of a pilot study of a larger EU-funded Industrial project
"Twin Goals" by European Institute of Innovation and Technology (EIT) in collabo-
ration with Chalmers University of Technology. The primary purpose of this study
was to investigate the possibility of using a Digital Twin for ensuring production
sustainability. Previous research has indicated the potential of using Cyber-physical
system (CPS) based Digital Twins for remotely monitoring and controlling the pro-
duction processes by establishing a bi-directional flow of information between the
virtual entities and the physical assets. This project attempts to use this informa-
tion exchange to perform a real-time optimization of the production processes and
increase the sustainability of the production system. The project was carried out
in a test-facility for manufacturing drones at the Stena Industry Innovation Lab
(SII-Lab), Lindholmen, Gothenburg.

This thesis followed a methodology that combines triangulation research methodol-
ogy and banks methodology. The literature study was carried out to identify suit-
able Key Performance Indicators (KPIs) for measuring Triple Bottom Line (TBL)
aspects of sustainability namely economical, ecological and social aspects. Qualita-
tive and quantitative studies were performed during model building and the analysis
phases. The DES model of the Drone factory was built on Siemens Plant Simula-
tion platform with four scenarios that included, the current state (AS-IS scenario),
an additional product variant (base scenario), a parallel station (experimental sce-
nario 1), and a potential “operative digital twin” scenario with the dynamically
re-balanced station (experimental scenario 2). The scenarios were evaluated by con-
ducting experiments for varying customer demands and pallet sizes. Among the
four scenarios, the results of experimental scenario 2 showed a positive impact both
in the economic and environmental aspects of TBL. The operative scenario exhib-
ited an ability to autonomously utilize the production resources ensuring that the
production load on the system was evenly distributed among all the processing sta-
tions. This scenario decreased the waste and non-value adding activities in the
process thereby contributing towards a higher throughput, decreased lead times and
improved material and energy efficiencies. Enabling a data exchange between this
operative scenario and the physical assets we can create a potential Digital Twin for
production sustainability.

Keywords: Digital Twin, Discrete Event Simulation, Triple Bottom Line, Sustain-
ability, Key Performance Indicators.
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1
Introduction

This chapter provides a brief introduction to this thesis project. It explains in detail
the project background, limitations, aim and the research questions that have been
addressed as part of this master thesis project.

1.1 Background
The rapid advancements in the development of technologies such as data-acquisition
systems, information technology and network technologies have enabled the transi-
tion towards the digitalization of manufacturing processes [1]. The digitalization of
manufacturing has postulated the need to implement neoteric smart manufacturing
technologies like the Digital Twin [2]. The Digital Twin can be used to help in-
dustries improve their production processes and competitiveness by optimising their
productivity and quality, whilst reducing the overall consumption of energy and raw
materials to ensure sustainable manufacturing [3].

The Digital Twin is a high precision virtual model of a physical system that can
simulate the various states and behaviours of the physical entities thereby provid-
ing valuable insights about the system. The Digital Twin provides a capability to
monitor the physical entities across their life cycle through realistically behaving
virtual models that can detect and predict the physical processes efficiently in real
time with the integration support provided by the use of Cyber-Physical Systems
(CPS) [2]. This level of integration facilitates a bi-directional flow of information
between the virtual and physical entities that can be used to implement real time
optimisation of both the virtual and physical processes [2].

The negligent use of resources and its detrimental consequences has propelled the
need for improving our environmental, economic and social sustainability. Naderi et
al. [4] states that in order to establish sustainability in production, it is necessary
to focus on measuring the Key Performance Indicators (KPIs) associated with the
environmental, social and productive aspects. The new manufacturing paradigm
has shifted towards establishing sustainability in production by leveraging the use
of digitalization technologies such as the Digital Twin [5]. Ju Yeon Lee et al. [5]
proposes an integrated modelling and simulation based life-cycle approach for eval-
uating the sustainability performance of the manufacturing industries.
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The Stena Industry Innovation Laboratory (SII-Lab) is a research facility at Chalmers
University of Technology. The drone assembly cell at the lab is a test-bed within
Produktion-2030, Sweden’s innovation program for sustainable production. This
facility is used to study the implementation feasibility of various technologies for
the digitalization of production. One of the projects "Twin Goals" focuses on how
to develop a Digital Twin of the drone factory. The drone factory incorporates all
aspects of a real world production system encompassing aspects of manufacturing
such as logistics, assembly, quality control and delivery.

This master thesis project aims to integrate sustainability indicators in a simulation
model of a drone assembly cell at the SII-Lab at Lindholmen, Gothenberg, Sweden.
The project primarily focuses to identify suitable KPIs that can be used to assess
the sustainability of the drone factory and integrate these KPIs into a DES model.
Furthermore, this KPI integrated model can be used to identify a sustainable man-
ufacturing scenario through changes in the production design or operations that can
be used as a Digital Twin. This project also attempts to investigate the data points
required to integrate the simulation model with the physical world for establishing
a bi-directional flow of information that can contribute towards a Digital Twin.

1.2 Problem analysis
The drone factory at SII-Lab is capable of deploying Internet Internet of Things
(IoT) and data management technologies for production control that involves the
use of industrial connectivity software, Programmable Logical Controls (PLCs), and
RFID sensor devices along the production lines [6], [7]. This level of automation
enables smart manufacturing, but a decision support tool for real-time production
improvements is missing. DES of the production system, being one of the Industry
4.0 technologies, can be a decision support tool enabling production optimization
effectively and efficiently with lesser investments [8]. Therefore, modeling and sim-
ulation of the Drone factory will be one of the decision support tools that can help
to make real-time decisions and thereby visualize overall performance of the system.

The majority of currently available studies include use cases of simulation of pro-
duction system through DES, but the applications of measuring the performance
of production system implemented to real-time production scenario is scarce [6].
Another area of studies related to DES that is scarce is that of the utilization of
simulation data for sustainable evaluation, and improvements [6]. Further, for pro-
duction systems to be able to provide enhanced design and manufacturing, it is
necessary to focus on establishing a stronger sustainability culture [9]. Among the
17 Global Sustainable Development Goals (SDG) defined by United Nations, the
goal 12 is to attain "Sustainable consumption and production" [10]. It is observed
that only 18% of Swedish companies, organizations, and authorities mainly work
with the goal 10, which is to achieve sustainable consumption and production [11].
This implies that there is a need for industries to work more towards the goal,
"Sustainable consumption and production" and contribute to the overall SDG.
The Drone factory has not yet explored many opportunities for improvements that
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contribute to a more sustainable process as currently real-time KPIs related to sus-
tainability are not measured. To capture the overall performance of the factory in all
three aspects of sustainability, the data required for estimating suitable sustainable
KPIs need to be found.

With this identified research gap, the thesis aims to build a DES, which is, a decision
support tool by utilizing the simulation data in calculating the suitable sustainable
performance indicators which will help in real-time sustainable production perfor-
mance management. The simulation data will be saved in the database and assessed
with the aid of IoT to calculate the required KPIs and help for accurate production
improvement decisions [6].

1.3 Project aim
This thesis project aims to enable sustainable production through a DES of the
Drone Factory by incorporating feasible sustainability KPIs that will contribute to-
wards creating a Digital Twin for real-time improvements of the production process.

1.4 Research questions
Research question 1 (RQ1):
Which are the most suitable KPIs to assess the sustainability of production systems
through a DES model?
Research question 2 (RQ2):
How can DES be used to improve the sustainability of the production systems and
what are the data points required for a real time decision making process that
contributes towards a Digital Twin for sustainable production?

1.5 Project limitations
The scope to integrate sustainable KPIs is limited to only economical and environ-
mental aspects of TBL. Regarding the social aspect, the project will only propose
the most important social KPIs as the results from literature study. Further, the
focus will be on sustainable KPIs that result in material and energy efficiency pro-
duction aiming to transform the Drone factory into eco-efficient production and
hence addressing environmental and economic sustainability. In order to estimate
environmental KPIs, a compact environmental impact analysis will be conducted
and does not conduct a detailed Life Cycle Assessment (LCA).

The project is limited to build the virtual entity (DES model) of the cyber world
and do not focus on developing any service management system such as mobile
dashboard system to monitor and track the integrated KPIs or any kind of data
management system to handle the simulated data. The project limits the use of
technology to modelling and simulation of production systems and do not consider
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other Industry 4.0 technologies such as virtual reality, augmented reality, machine
learning or artificial intelligence even during the development of the DES model.

1.6 Thesis outline
The outline of the thesis will be illustrated using the following Table 1.1 which
describes the main contents of all the the six chapters in the report.

Table 1.1: Thesis outline

Chapter Contents
Introduction This chapter presents the Background, Problem analy-

sis, Project aim, Research questions and Project limita-
tions.

Theoretical Framework This chapter describes the background of concepts
like Digital Twin, CPS, DES, Sustainable production
through TBL and KPIs

Methods This chapter provides a description of the methods fol-
lowed to answer the RQ1 and RQ2. The chapter in-
cludes a description of the steps followed to execute the
Literature study, Qualitative studies and Quantitative
studies carried out for the Banks methodology of simu-
lation model.

Results This chapter presents the results of RQ1 and RQ2. The
results of RQ1 consists of literature research results as
list of recurring KPIs and reflecting of current studies of
integration of sustainability tools with DES. The results
of RQ2 consists of quantitative and qualitative study re-
sults obtained through Data collection, Model concep-
tualization, Environmental impact analysis and Experi-
mental analysis of the selected scenarios.

Discussion In this chapter the methodology used, results obtained,
research quality will be discussed in such a way that
provides answers for each research question. In addition
the future work will also be discussed.

Conclusion This chapter concludes by highlighting the main findings
and takeaways from the thesis.
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2
Theoretical Framework

This chapter provides a description of the concepts and terms used and adopted in
this thesis project. The chapter provides insights into the concepts of Digital Twin,
Cyber-Physical Systems (CPS), Discrete Event Simulation (DES), Sustainability
and Key Performance Indicators (KPIs).

2.1 Digital Twin

With the onset of the Industry 4.0 technologies that provide possibilities for easy
integration of interconnected components of production processes have set a new
manufacturing paradigm enabling the digitalization of manufacturing. Digitaliza-
tion technologies enable virtual product and process planning through a virtual
simulation of physical processes [12]. The simulation based process planning and
optimization, combined with other technologies such as Cyber-Physical production
elements enable real time monitoring and control of devices across the network in-
frastructures. This facilitates a direct integration and synchronization between the
physical world and the virtual world [12]. This computerized virtual form of the
physical process encapsulating all the information by sensing real time data of the
concerned system assets is referred to as a Digital Twin [12]. The Digital Twin
can hence simulate various scenarios of the physical world which can then be used
to determine the most suitable operation among a set of different possibilities and
hence execute the whole production process in an optimal way [1].

Since the Digital Twin is a high-fidelity virtual representation of the geometries,
physical properties, behaviours and rules of the physical world the virtual models
and the physical entities have similar appearance and behaviours that are identical.
In addition, these identical virtual models can be connected through CPS for en-
abling bi-directional flow of information between the physical and virtual entities in
real time [1]. This bi-directional dynamic mapping enables both the physical and
virtual entities to co-evolve through feedback and thus directly optimize the opera-
tions and adjust physical process [1]. These features of the Digital Twin contribute
towards achieving a higher efficiency, accuracy, sustainability and economic benefits
in production [12].
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2. Theoretical Framework

Figure 2.1: Framework for Digital Twin [1,Fig. 12.2]

2.1.1 Cyber-Physical Systems
The CPS is a concept that can integrate communication, computing and and control
capabilities into physical device such as machines and other resources on the man-
ufacturing shop floor to monitor, control and co-ordinate the physical operations in
real time [2]. The CPS framework makes use of devices such as advanced sensors
and actuators, communication devices, embedded systems, cloud network etc. for
integration with the physical world. These devices are capable of collecting real
time data from physical objects which can be used by the cyber systems for further
data analysis and decision making [7]. The CPS network can therefore transmit and
receive data between the physical and virtual worlds through a feedback mechanism
thereby forming a closed loop which allows for a seamless integration of the two
worlds [7]. This level of intractability, scale-ability, reconfigure-ability and intelli-
gence provided by the CPS network is important for the implementation of smart
manufacturing.

An important technology that drives the CPS network is IoT, as it allows the col-
lection and exchange of data through internet [7]. On the manufacturing shop floor
the CPS network can be classified into three levels such as, unit level (e,g.: single
machine), system level (e.g.: production line) and system of system level (SoS) (e.g.:
whole manufacturing plant). At each of these levels the CPS network is deployed by
using sensors, actuators, embedded systems to communicate, monitor and control
the physical assets [2]. The individual elements of the Digital Twin such as the
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virtual entities (VE), Physical entities (PE), Data service management systems or
digital twin data (DD) and services (SE) can be connected through this CPS network
through fusion algorithms for establishing a Digital Twin based CPS manufacturing
on the production shop floor [7] as shown in the following Figure 2.2.

Figure 2.2: CPS based Digital Twin [2,Fig. 5]

2.1.2 Discrete Event Simulation
DES refers to creating a conceptual model of a system by utilizing complex compu-
tational and mathematical techniques for modelling, simulating and analyzing the
behavior of the system under varying conditions [13]. The DES can be used for
performing various experiments on the virtual model to draw conclusions from the
outputs that help in the decision making process without actually disturbing the
physical system [13]. Due to the complexities of the manufacturing systems the
DES approach can be used for designing and experimenting these complex systems
on a virtual interface.

The DES approach aids in easier analysis of the computer generated models through
virtual simulations of different scenarios for production planning and control, bot-
tleneck detection, design of transportation systems, stability analysis etc [14]. The
DES tool provides several methods such as mathematical programming, combina-
tional optimization and scenario analysis for modelling and solving these complex
manufacturing systems [14]. This ability of DES to conduct experiments that can-
not be performed on real manufacturing lines can help in providing insights that
can lead towards improving the design and operational capabilities of the real world
production systems. This method of optimizing the production process offers a more
economical and sustainable approach for studying production improvements rather
than the traditional trial and error methods of changing production layouts and
processes [14].
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DES is therefore an integral part of the Digital Twin framework where the virtual
entities of the physical world are created and modelled. The virtual world of the
Digital Twin is completed by making use of data from the Enterprise Resource Plan-
ning, Manufacturing Execution System and DES for enabling smart manufacturing
of the production shop floor [15].

2.2 Sustainable production
The sustainability concept was first introduced in 1987 by United Nations World
Commission on environment and development [16]. Sustainable production is de-
fined as "Sustainable production is creating goods by using processes and systems
that are non-polluting, that conserve energy and natural resources in economically
viable, safe and healthy ways for employees, communities, and consumers and which
are socially and creatively rewarding for all stakeholders for the short- and long-term
future" [17]. Sustainable manufacturing helps to consume resources effectively and
efficiently by minimizing the emissions and wastes and therefore conserve resource
and energy for future generations [16]. In addition, the Industry 4.0 has marked its
position by including various digital technologies put together modify the production
inputs, processes and outputs enabling value creation across TBL of sustainability
(Economic, Environmental and Social) [16]. The TBL will be explained in more
detailed way in the following subsection2.2.1.

2.2.1 Triple Bottom Line
Sustainability is considered to be a multi-dimension concept known to include TBL
that incorporates Environmental, Social and Economic perspectives of sustainability
[16]. TBL aims to support the concept of sustainability in industries by being sus-
tainable in three dimensions, economic, environmental and social. In other words,
sustainable manufacturing from the perspective of the TBL aims to reduce environ-
mental impact, care for society and at the same time be profitable and competitive
in the market [18]. The TBL view of sustainability is shown below in Figure 2.3.

Figure 2.3: Triple Bottom Line of Sustainability [16,Fig. 1]
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Industries are said to be sustainable if they consider value creation in a more holistic
way and integrates environmental and social goals into its value creation process [19].
For instance, the value creation in social aspect and economic aspect is a main driver
of social entrepreneurship [19]. Whereas, value creation in environmental aspect
and economic aspect by solving environmental issues and simultaneously creating
economic value will be termed as eco-entrepreneurship [19]. But the firm is said to
be completely sustainable when it is capable of creating value in all the three aspects
[19]. A recent article provides the trajectories for the TBL dimension as shown in
the Figure 2.4 [16].

Figure 2.4: Trajectories of sustainability in Industry 4.0 [16,Fig. 2]

The author in the paper [16] proposes three trajectories of sustainability in the
TBL perspective for the Industry 4.0 applications, see Figure 2.4. Firstly, the eco-
nomic sustainability is the result of process flexibility and process efficiency can be
achieved through improved process performance. Secondly, in-order to leverage the
environmental sustainability performance, it is important to improve the capability
in achieving data granularity and data quantity and therefore utilizing the technol-
ogy in a more sustainable way. Lastly, increased automation leads to a more socially
sustainable system by improving the labour working conditions, health, safety etc.,
[16]. The three dimensions of sustainability is described in the following subsections.

2.2.1.1 Environmental sustainability

The environmental perspective of sustainability aims for natural resource consump-
tion and thus have less effect on the ecosystem by producing emissions that can
naturally be absorbed by the nature [16]. Further, to be environmentally sustain-
able, industries need to minimize resource use, replace non-renewable resources to
renewable resources and follow circular economy principles such as re-use, recy-
cle, regeneration, re-manufacturing etc, [16]. Some environmental approaches men-
tioned by Glavic [17] are waste minimization, zero waste, LCA, Pollution control,
eco-design, cleaner production and green chemistry. It is found that striving for
environmental sustainability in any manufacturing industries will not only benefit
the production process and products but also to the environment and the customers
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[16].

2.2.1.2 Social sustainability

The technologies, automation and digital solutions in the current industrial revolu-
tion referred to as Industry 4.0 has caused several changes in the dynamics of human
resources [20]. Galuppo [21] defines social sustainability as “the impact of products
or operations on human rights, labor, health, safety, regional development, and other
community concerns”. In other words, industries are said to be socially sustainable
when there is value creation by focusing on its employees job satisfaction, quality
of life, training opportunities, standard working conditions, safety, health etc. Thus
industries need to strategically manage their human resources which will directly
or indirectly be impacted by the organizational decisions [16]. Comparing Industry
4.0 with that of Traditional manufacturing, there is transformation of all the labour
intensive industries into more socially sustainable industries [16].

2.2.1.3 Economic sustainability

The economic sustainability of TBL is concerned with the overall economic per-
formance of industries. Industries become economic sustainable by creating value
and balancing costs and revenues from production and distribution of products and
services [16]. Industry 4.0 has a major role in transforming industries into more eco-
nomically sustainable by substituting humans with more efficient resources, robots.
This results in reduction of production costs and increase in productivity by reduc-
ing the lead times, and therefore improves the economic performance of the system
[16].

2.3 Key Performance Indicators
Key Performance Indicators are measurable units that help industries grow by bas-
ing their decisions on the performance and achieving their set objectives. In other
words, KPIs are used to find the improvement potential and evaluate the success
of any industry [22], [20]. KPIs not only allow production managers to analyze the
performance of the product and processes, but also help in managing all the pro-
duction level activities such as resource allocation, modifying process parameters,
production scheduling etc, [20]. This way the KPIs help the industries achieve their
set objectives efficiently and effectively by continuous evaluation, monitoring and
optimizing the production processes [22].

KPIs can be defined to different resources such as equipment’s, sub-processes or for
overall production plant [20]. In order to visualize all the defined KPIs, the obtained
value for the KPIs will be compared to the target value to fulfill the production
objectives [23]. In addition, the optimization activities depend on to how near
the performance value is to the target value [22]. However, the task of choosing
appropriate KPIs is observed to be challenging as KPIs need to align with the set
objectives that need to be accurate and production managers should gain a deeper
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understanding of what is important to the industry before deciding the KPIs for
any system [23].
Further, the design of KPIs must be flexible enough to measure the performance of
industry in dynamic market conditions consistently [23]. For instance, the market
requirement of transforming industries to more sustainable industries, has arouse the
need of KPIs that are capable of assessing the sustainability aspect and achieve TBL
goals set by industries [23]. Lastly, to define some of the KPIs, the performances that
can be measured are such as energy, material, maintenance, control and operation,
etc. [20]. The technologies, automation and digital solutions have resulted in the
increased efficiency, productivity, flexibility and reduction in production costs, thus
enabling sustainable development in industries [20].

2.3.1 KPI framework
As mentioned earlier, KPIs always associate with the set objectives used for bench-
marking, reporting and improvement triggers in the production [18]. The KPI frame-
work is a hierarchical structure consisting of elemental KPI at the lowest level and
basic KPIs in the mid-level and comprehensive KPIs at the higher level [18]. The
KPI categories are named as elemental KPIs, basic KPIs and comprehensive KPIs.

At the lower level, the elemental KPIs are the measures obtained from the data
points for acquiring required information [18]. Examples for elemental KPIs are ac-
tual production time, planned busy time, rework quantity, good quantity and cycle
time [18]. In the mid-level, the basic KPIs are the indicators which are often cal-
culated by formulas containing elemental KPI values or measures. The basic KPIs
are useful for predicting a particular trend resulting from the several data points
or elemental KPIs [18]. Examples of basic KPIs are availability, quality ratio and
effectiveness [18]. The comprehensive KPIs formed by several basic KPIs, for in-
stance, mathematical formula for the KPI, Overall Equipment Effectiveness (OEE)
requires values of the basic KPIs (indicators) such as availability, effectiveness and
quality ratio [18].

The industries combine all the three levels of KPIs for decision making or bench-
marking. When compared to elemental and basic KPIs, comprehensive KPIs are
used by the company to check if its performance aligns to the objectives set by the
industry [18]. Further, the measurement of KPIs is possible with an appropriate
measuring equipment or a tracking system, databases for storing production data,
service tools for transforming data into information and systematic decision making
system [18]. The current infrastructure in Industry 4.0 has brought huge possibilities
to track and capture every data point that increases the accuracy of analyses and
decision making by production managers. For example, DES can be one among such
Industry 4.0 technologies enabling accurate decision making based on the results of
performance indicators calculated from the data collected from the databases and
other service tools.
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2.3.2 Sustainability KPIs
Sustainability KPIs are a set of performance indicators which will help to fulfill
sustainable objectives of the industries [23]. The difference between traditional indi-
cators and sustainability indicators is that both the types have different objectives.
However, according to study in [18], about 90% of the existing KPIs contribute to
the sustainable objectives of the industries. The results of sustainable KPIs help
to assess the sustainable performance of the industries and therefore take neces-
sary decisions that can fulfill TBL goals and hence achieve overall sustainability. In
order to achieve sustainable objectives such as reducing environmental impact, eco-
efficient manufacturing or green manufacturing, industries need to monitor certain
parameters such as energy consumption, costs incurred in overall production, cost
and type of materials used and their emissions [23]. For instance, the KPI mate-
rial emissions provides necessary information by evaluating emissions caused by the
material consumption and can be visualized by comparing it with the target value
for material emissions that is considered to be sustainable. To carry out such sus-
tainable assessments there are various methods and tools such as LCA, LCI, Impact
assessment etc. [23].
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Methods

This chapter describes the overall methods followed during the project in detail
as shown in the Figure 3.1. The methodology is the combination of triangulation
research methodology [24] and banks methodology for modelling and simulation pur-
pose. The triangulation methodology includes literature review, qualitative study
and quantitative study. The results of each component of triangulation methodol-
ogy will be used for validation of results of other. This method was carried out from
the beginning task of finding appropriate sustainability KPIs until the task of com-
pleting the DES model. There were continuous qualitative and quantitative studies
also known as mixed methods carried out during the modelling and simulation of
the drone factory using banks methodology [24].

Figure 3.1: Research design

3.1 Literature study
The literature study helps to obtain background information of the subject. The
purpose of carrying out the literature study was to study what has been researched
about the sustainability KPIs in the DES and Digital Twin context, what kind of
methods or frameworks are used and what kind of observations and results have
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been obtained. The facts collected from the literature were used to make assump-
tions throughout the project. The goal was to use the literature results to integrate
and build the DES model. Hence, the focus was to explore the most recurring or
preferable sustainability KPIs that assist manufacturing industries to transform into
more sustainable or eco-efficient manufacturing. In addition, the results were uti-
lized to gain knowledge on KPI information and calculations to evaluate and select
most suitable KPIs that can be measured and integrated in the DES model.

3.1.1 Search strategy
The research was carried out using different search engines for reaching the wider
knowledge source. The database Scopus, provided by Chalmers library was used.
The relevant papers were found using the keywords and screening process described
below in the Figure 3.2.

Figure 3.2: Search strategy

The keywords were further limited to the subject area Engineering, Environment,
Business Management and Accounting, Computer science, Materials science, Energy
and Social sciences, year of publication to 2015-2020 and the language of literature
to English. The screening of papers was carried out in two steps, first step was by
reviewing title and abstract and second step was by full reviewing the paper. The
full reviewed papers were used for selecting most recurring sustainability KPIs for
incorporating in the DES and reflect upon the current studies and the methodologies
used in industries for building sustainable DES.
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3.1.2 Identification of sustainability KPIs
The selection of KPIs from the literature was based on the objective that the KPIs
need to contribute to at least one aspect of TBL of sustainable manufacturing. The
papers were fully reviewed and the KPIs in each paper were listed into categories of
economic, environmental and social KPIs. Further, the papers selected for the full
review were coded against each category of KPIs that each paper proposed using
the Excel sheet. Lastly, the results of literature study showed the number of papers
that have used every KPI to transform into more sustainable manufacturing.

3.1.3 Selection of KPIs for the DES model
The environmental and economic KPIs were selected from the literature results for
integrating the KPIs with the DES model. A quantitative analysis was carried out
for KPI selection process where the literature results of economic and environmental
results were studied and the most recurring basic KPIs were selected for integration
purpose. To calculate each of these selected basic KPIs, the elemental KPIs were
selected based on the relevance and data availability for calculations and obtain re-
sults in the DES of the Drone factory.

3.2 Simulation methodology

The DES model was built based on the steps described by Banks methodology [25].
The methodology includes three main phases, preparation phase, model building
phase and the analysis phase. The preparation phase includes problem formulation,
project plan, data collection and conceptual model preparation. The model building
phase includes model translation, verification and validation. Lastly, the analysis
phase includes experimental design, production runs and analysis and documenta-
tion of the results. The steps followed in Banks methodology is illustrated in Figure
3.3 below. The tasks carried out during the three phases of Banks methodology
shown in the Figure 3.3 will be explained in detail in the sections below.

3.2.1 Preparation phase
In the first step of the preparation phase, problem formulation, a detailed problem
analysis was carried out and the aim and purpose of the project was defined. In the
second step, all the objectives that will fulfill the aim and purpose of the project
were defined along with a detailed project plan that in addition to the problem
analysis, aim and purpose, also included method, delimitation’s and the timeline
for the project. Further, the third and fourth steps, model conceptualization and
data collection were carried out in parallel through both qualitative and quantitative
studies. The third and fourth steps are explained in detail in the sections below.
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Figure 3.3: Banks et.al’s simulation methodology [25]

3.2.1.1 Model conceptualization

A conceptual model is a software independent description of the real system or a
model that needs to be constructed [26]. The conceptualization process was carried
out for four different concepts namely, AS-IS scenario, Base scenario, Experimental
scenario 1 and Experimental scenario 2. Mapping the production system using
process flow chart is one of the most widely used representation technique [27].
Therefore, each of the scenarios were described with a process flow chart helping to
visualize the production flow information.
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According to Robinson [26], the model needs to be based on both client and mod-
eler perspectives. The AS-IS scenario represents the current state of the production
system and was constructed based on the information collected through discussions
with the SII-Lab which is one of the qualitative studies. The AS-IS concept was
used as a reference to further modify and visualize other proposed concepts. For
the base scenario, the requirement of the SII-Lab was considered for designing a
production system that can process two variants in the same facility. The model
and the process flow charts described the work procedure for each of the variants
with defined production stages carried out at assigned assembly stations.

Further, for selecting the suitable scenarios for experimental analysis, a qualitative
study was carried out by conducting discussions and brainstorming sessions with
academic experts at Chalmers and representatives at SII-Lab. The conceptualization
of multiple scenarios was drafted in the form of process flow chart and were used
during discussions and brainstorming sessions. The objective of these sessions was
to check the feasibility of the scenario for real-time implementation, to assess the
sustainable aspects of the Drone factory and further fulfill the sustainable Digital
Twin implementation. The other aspects considered included the time and data
availability for building the intended scenario. The conceptual models of all the
four scenarios namely, AS-IS scenario, Base scenario, Experimental scenario 1 and
Experimental scenario 2 were used as a reference in the model building phase.

3.2.1.2 Data collection

The main objective for input data collection was to collect all the production data
listed below:

1. Production parameters such as processing times, availability, MTTR (Mean
Time To Repair), setup times and scrap processing times.

2. Work procedure of both the product variants.
3. Material related data of the both variant products ’Var A’ and ’Var B’. The

data such as material type, quantity of respective components in each variant,
weights of all the components, scrap rate, rework rate and product cost.

4. Energy related data such as power consumed by the production equipment’s
in the production system for estimating total energy costs of the production
system.

5. Material consumption data for manufacturing components of one unit of prod-
uct of both variants ’Var A’ and ’Var B’.

In the paper [28], the input data for the DES has been categorised into three cat-
egories based on the approach of collection reflecting the availability of data. The
Figure 3.4 shows the three categories of input data.

Figure 3.4: Input data classification[28]
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The data collection process for the Drone factory mostly belonged to the category
B and C as the SII-Lab is a test-bed and not an actual manufacturing unit. The
category A input data included the data of production parameters such as process-
ing times of both variants, availability, MTTR, setup times and scrap processing
times. In addition, the material related data such as material type and quantity
were collected from the BOM (Bill of Materials) of each of the variants provided by
the SII-Lab.

The work procedure of each product variant were collected from the SII-Lab in the
form of assembly instruction documents and manual assembly video and this input
data is categorised under category A. The work procedures for both the variants
were understood to match the requirements of the conceptual models. For instance,
’Var A’ follows a work procedure including three assembly stages whereas the base
scenario demands for design of work procedures carried out in two assembly stages.
The sequence of manual assembly activities were analyzed and was transformed into
two stage assembly with balanced processing times for each stage.

Further, components information such as weights of each component was one of the
category B data, which was manually collected by weighing components of both
variants. The rest of the material related data such as scrap rate and rework rate
belonged to category C and were assumed based on the standard industrial prac-
tices. Lastly, the energy related input data belonged to the category C input data
as the Drone factory does not have any kind of technology for measuring the energy
consumption of the production system. Therefore, the power consumed by the tech-
nical equipment used in the final assembly such as conveyor system, PLC, Human
Machine Interface (HMI) were retrieved from the respective equipment manuals ob-
tained from the support of literature and websites. Further, the energy consumption
data was used to estimate the energy costs.

The input data, material consumption and product cost of both the variants be-
longed to category C input data. To make estimations on the material consumption
for manufacturing components required for one unit of product, the technical spec-
ifications of 3D printing technology was collected from the product manual. The
product manual was referred to collect efficiency rate of the 3D printer and further
make estimations for material consumption for component manufacturing. In addi-
tion the cost of each product variant was estimated with the help of product weight
data available and cost of respective powder materials from the literature sources.
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3.2.2 Model building phase
The model building phase comprises of three steps which are model translation,
model verification and model validation. In this master thesis, "Siemens Techno-
matix Plant Simulation" which is later referred to as plant simulation is used as the
simulation software for creating the DES model. The primary reason for using this
software was because our examiner had created a conceptual model frame in plant
simulation before starting this thesis. The secondary reason is the availability of
an easy access to the academic version of the simulation tool. In this thesis the
modelling object is a Digital Twin of an assembly line producing drones at the test
facility in SII-Lab.

3.2.2.1 Model translation

Plant Simulation is an object oriented software and hence modelling complex systems
can be easily structured and managed. The object oriented programming method
in Plant simulation enables users to make use of features such as attributes, classes,
inheritances and derivations. The following Figure 3.5 is used order to explain the
model building and translation more clearly. The Figure 3.5 is 2D representation of
the assembly line at the lab which has been created by using inbuilt icons in plant
simulation. The Event controller handles all the discrete events. The start time and
the end times of the simulation are set in the event controller. The warm-up times
of the production system if required are also to be set in the event controller. In
this model the source is the start of the process and it is at this point where all the
Movable Units (MU’s) are created which are then shifted onto the next process in
the simulation by using connectors.

Figure 3.5: Model in Plant Simulation
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In this model the source passes on the MU’s to a buffer where it is stored until the
MU’s can be passed onto the next process. The capacity of the buffers can be set
by the users. The conveyor system helps in moving the MU’s from one station to
another. The assembly stations are the objects where the individual components of
the MU’s are assembled. The MU’s are held at these stations for certain duration of
time (Processing Time) which is defined by the user. The drain receives the MU’s
and deletes them and this is the end of the simulation. The methods allows users to
program custom functions. In this model several methods have been used as shown
in the the Figure 3.6. Each of these methods run a program which determines the
model behavior. Plant simulation uses its integrated programming language called
the SimTalk which can be used in the methods for coding purposes. The program
within these methods for the drone factory model is given in Appendix B .

Figure 3.6: Methods Frame of the Drone Factory Model in Plant Simulation

The object modelling along with the code directly translates to the system param-
eters and these can be effectively controlled by changing the code in the methods
to mimic different behaviors of the simulation model. The simulation software also
provides various methods to monitor the statistical performance of the model by
displaying the attributes, methods and statistics in real time. Parameters or statis-
tical values that show large deviations can be recorded and exported to Microsoft
Excel for further analysis.

3.2.2.2 Verification of DES model

According to the Banks methodology [25], verification of the DES model is defined
as the process of checking if the model satisfies the requirements specified in the
conceptual model. This process of verifying the DES model with the conceptual
model was carried out after every change made during the model translation which
also helped to examine the accuracy of logic used for transforming requirements into
conceptual model and conceptual model into executable DES model [25].
The below questions were used for verifying the executable model (DES model) [25]:

1. Does the executable DES model shows the correct implementation of the con-
ceptual model?

2. Does the executable DES model produce results in the intended format?
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3.2.2.3 Validation of DES model

According to [25], validation is the process of confirming if the results which are in
the form of conceptual model and executable model (DES model) satisfies all the
requirements intended by the customer (academic and industrial experts). Every
small change suggested by our customers had an huge impact on the results helping
to obtain effective and credible results. Validation helped to examine the accuracy
of representation of the real-world production system by the conceptual model and
the simulation results obtained from the executable model (DES model). During
building the model, it was being validated during supervision meetings by our exam-
iner and further the final model was validated by the industrial experts at SII-Lab.
The below points were taken under consideration for validation from academic and
industrial experts [25].

1. To check if the conceptual model is the correct representation of the real-world
production system.

2. To check if the results are credible and accurate when compared to the real-
world production system.

3.2.3 Analysis phase
The analysis phase is the last stage of the simulation modelling which includes exper-
imental design, production runs and analysis, documentation and implementation.
Once the model has been validated. In this phase we design experiments based on
the model. In this case experiments were designed to determine effective methods
to increase production sustainability. The method in which the experimental design
was made and conducted is explained in the following section. For the experimental
design the following four scenarios of the production systems were chosen:

1. AS-IS Scenario
2. Base Scenario
3. Experimental Scenario-1
4. Experimental Scenario-2

A common set of production parameters were set for all the four scenarios to com-
pare and identify the best operating scenario. Several parameters such as the Cus-
tomer demand, product variants and the size of pallets were varied to determine
the potential increase in throughput while maintaining the environmental KPI’s
to a minimum. The experiments were run on the experimental manager in plant
simulation. Each experiment was run for a total time duration of 6 days and 10
replications to obtain stable and reliable values. The results of the experiments
were obtained in a table which was exported to excel for further analysis. The
details of the experiments and their results are presented in the results chapter.
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4.1 Literature review
This section provides a detailed description of the results obtained from the lit-
erature review for identifying and selecting suitable KPIs to asses manufacturing
sustainability. The section also reflects on the current studies on incorporating sus-
tainability tools with the DES.

4.1.1 KPIs for sustainable manufacturing
The literature review yielded several economic, environmental and social indicators
that are commonly used by industries to address the TBL of sustainability for man-
ufacturing processes. Naderi et al, [4], argues that it is necessary to identify the
right set of manufacturing indicators to support the organizational decision making
process to achieve the company objectives and goals.

Several criteria should be considered for the selection of KPI depending on the type
and scale of the industry [29]. KPI selection therefore, requires multiple factors or
parameters that have to be considered where the objectives of the KPIs must be
defined to measure the effectiveness of the KPI against the selection criteria. The
selected KPI can thus be used to measure and monitor the sustainability perfor-
mance of the manufacturing floor [29]. This notion for selecting a few appropriate
and valid KPIs rather than having numerous indicators to measure sustainability
is further asserted by Paola Fantini et al. [30]. The author also suggests a holistic
framework for selecting the KPIs by modelling the physical flows of a manufacturing
system i.e products, materials , energy, emissions, among others from the input to
the output phases [30].

Although most literature’s proposed different methods of classifications and frame-
works for KPI selection all papers commonly suggested that eco-efficiency indicators
alone may not be sufficient for measuring the sustainability performance. This is
attributed to the fact that there can be certain trade-offs between indicators due to
the complexities and inter-dependencies among various products or materials and
resource flows within the factory [31], [32]. Similarly another connection between
economic and environmental sustainability found was that Weeber et al. [33] ex-
plains how energy efficiency measures to asses the energy consumption levels can
either increase productivity and hence emission levels or decrease the emission levels
and consequently decrease the productivity. There is hence a need to identify an
ideal or neutral state to maintain a balance between the economic, environmental
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and social sustainability [4].

Moreover, production sustainability cannot be measured only using environmental
indicators such as emissions or energy consumption as some production KPIs such as
material efficiency and productivity can also have an influence on how efficiently the
resources are being used in the system [18]. Therefore,a quintessential parameter for
a holistic KPI framework is to consider the impact of economic and social indicators
for monitoring, controlling and improving environmental sustainability [18]. Hence,
to fully capture a production system’s performance it is necessary to include all
the manufacturing performance indicators such as lead time, Overall Equipment
Efficiency (OEE) and its components including availability, performance, quality,
effectiveness, utilization rates etc.. whilst focusing on the TBL indicators. The TBL
indicators include material and energy consumption, material and energy emissions,
hazardous and non-hazardous wastes, share of reused or recyclable material etc.
[30], [34], [35].

Further, while selecting the KPIs for sustainable production it is necessary to un-
derstand the purpose for measuring KPIs and their strategic implications that can
help in design, implementation and the revision phases of the KPI life-cycle [18].
An important distinction to make here is the difference between measures and in-
dicators. A measure is often a result of a direct measurement activity to acquire
data or information, while an indicator can be a result of two or more measures
providing a more comprehensive information that can be directly used for making
predictions and decisions [18]. The following Tables 4.1, 4.3 and 4.2 provide a list of
the important economic, environmental and social indicators respectively and their
respective measures that have been identified from the literature study.

The identified economic, environmental and social indicators showed complex inter-
relations between them thereby creating an atmosphere of ambiguity for the decision
makers to use these indicators strategically without compromising between them for
making production shop floor improvements [31]. Furthermore, the modern produc-
tion systems are dynamic due to the numerous uncertain factors that are constantly
varying [32]. To overcome these difficulties and provide help towards the decision
making process several researches propose the use of DES methods with integrated
performance indicators to run virtual experiments and analyze the complex process
flows for improving manufacturing sustainability [31], [5].

Nancy Diaz-Elsayed et al, [36] discusses on the potential benefits of using a combi-
nation lean principles and green manufacturing strategies to improve process sus-
tainability. DES again plays a crucial role in simulating, optimizing and validating
such a scenario of using a concoction of lean and green manufacturing strategies [36].
The KPIs contributing to the three pillars of sustainability, that is Environmental,
Economic and Social aspects are listed as shown in the Figure 4.1.
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Table 4.1: List of Economic Indicators.

Environmental
KPIs References

[4] [5] [16] [18] [29] [30] [31] [33] [34] [35] [36] [37]
Quality
(Rework Ratio,
Scrap Ratio,
First Pass Yield,
Storage and
Transportation loss
ratio, Product
Durability,
Product Reliability)

x x x x

Cost
(Inventory, energy,
material,labor,
equipment,
maintenance)

x x x x x x x x x x

Delivery
(Cycle-time,
lead-time, Takt-time)

x x x x x

Flexibility
(Batch size, process
flexibility,
volume, setup time)

x x x x

Productivity
(Worker Efficiency,
Throughput Rate,
Overall Equipment
Effectiveness,
Availability,
Utilization)

x x x x

Table 4.2: List of Social Indicators.

Social KPIs References
[4] [5] [16] [18] [29] [30] [31] [33] [34] [35] [36] [37] [38]

Employee
safety x x x x x x

Employee
health x x x x x x

Labor
satisfaction x x x

Labor
development x x x x x
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Table 4.3: List of Environmental Indicators.

Environmental
KPIs References

[4] [5] [16] [18] [29] [30] [31] [33] [34] [35] [36] [37] [38]
Resource
utilization
(energy, water,
material)

x x x x x x x

Emissions x x x x x x x x x x x
Share of
renewable
resources

x x x

Scrap / Waste
(hazardous,
residual, solid)

x x x x x x

Land
utilization x x x

Noise
pollution x x

Material
efficiency x x

Energy
efficiency x x

Quality x
Share of
reused /recycled
material

x

Eco-
efficiency x x

Figure 4.1: KPIs selected from Literature review.

26



4. Results

4.1.2 KPI selection for the DES model of the Drone factory
It was found that most recurring basic environmental KPIs were emissions, resource
utilization and waste and most recurring basic economic KPIs were cost, delivery,
productivity and quality. In addition the elemental KPIs under each of these KPIs
were selected based on the relevance and data availability for incorporating with
the DES of the Drone factory. For instance, the elemental KPIs under waste such
as hazardous and residual waste are not qualified in the Drone factory scenario, as
only solid waste is produced. However, it was observed that additional measuring
points had to be estimated by using the attributes obtained from the DES model,
for analyzing the selected elemental KPIs through the DES. The Figure 4.2 shows
the selected KPIs for integrating with the DES model.

Figure 4.2: KPIs selected for the DES.

4.1.3 Description of selected KPIs
KPIs are often misinterpreted with different meaning and therefore it becomes im-
portant to describe each KPI in a detail way with description, scope and unit of
measure [20]. The selected elemental KPIs were described as shown in the following
list (refer Figure 4.2):

1. Emissions from energy consumption: It is the measure of total electricity
consumed by all the equipment’s used in the production system for producing
N number of products. The scope or the KPI relevance is for overall process
or product. The unit of measure is kgCO2eq.

2. Emissions from material consumption : The material related carbon
emissions is used to depict the emissions from the unit process which processes
number of types of materials with assigned quantity of the same. The scope
is for the product and the unit of measure is kgCO2eq.

3. Solid waste: It is the quantity of scrap/solid waste generated to produce
number of units in the production system. The scope or KPI relevance can be
both for the process and the product. The unit of measure is kg.
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4. Total energy consumption: It is the measure of total energy/electricity
consumed for producing N number of products. The scope or KPI relevance
can be for both process and work unit. The unit of measure is kWh.

5. Total material consumption: It is the measure of total productive material
consumed in a system considering the efficiency of the system for producing N
number of products. The scope or KPI relevance is for the process.The unit
of measure is kg.

6. Energy cost: It is the total cost for consuming certain amount of energy
(electricity) in the system while producing N number of products. The scope
or KPI relevance is for the process and the unit of measure is SEK.

7. Material cost: It is the total cost of each component used for assembling a
respective product variant. The scope or KPI relevance is for product and the
unit of measure is SEK.

8. Scrap cost: It is the measure of sum of costs of all the components that
have been scrapped in the production system while producing N number of
products. The scope or KPI relevance is for the process and the unit of measure
is SEK.

9. Production lead time: The total time taken for the product to reach the
drain from the time it enters the production system. The scope can be for the
process, work unit, type of variant and product. The unit of measure is time.

10. Availability: It is the percentage of time that the work unit is available out
of total production time. The scope or KPI relevance is for a work unit or a
station. The unit of measure is %.

11. Throughput: It is the measure of efficiency of the system in terms of quantity
of products produced in a certain time. The scope or KPI relevance is for the
process or production order. The unit of measure is quantity/time.

12. First Pass Yield: It is measure of number of good quality products against
the number of inspected products at the quality station. The scope or relevance
of the KPI is both for the product and the process which depends on the type
of quality issue. The unit of measure is %.

13. Rework ratio: It is the ratio of number of rework products to the number
of inspected products at the quality station. The scope or KPI relevance can
be both for product and the process. The unit of measure is %.

14. Scrap ratio: It is the ratio of number of pallets with scrap components to the
total number of pallets with good quality components. The scope or relevance
of KPI is for the product and process. The unit of measure is %.
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4.1.4 Reflecting on current research for incorporating sus-
tainable tools with DES

The author in the paper [6] highlights the capability of the DES in industries for
obtaining a more efficient and optimized production system. It is observed that
there are numerous case studies for the DES for the performance management.
However, the main challenge is found to be implementation of DES for real-time
production scenarios for optimization purposes which is possible through efficient
data acquisition. Moreover, the literature highlights there is lack of effectively and
efficiently managing and utilizing the simulation data [6]. The promising research
area of building a platform by integrating DES and Virtual Reality (VR) that yields
efficient improvements in the system was highlighted.

With today’s major issues being material and resource consumption, environmental
impact categories must be addressing these issues in any production system [39],
[36]. The material and energy are found to be most important resources that needs
to be efficiently used to achieve overall production improvements. In the paper [40],
the author provides a generic framework for assessing the sustainability in terms of
energy efficiency by using lean manufacturing strategy.

It is found that by combining the lean manufacturing and energy efficiency manage-
ment, production costs will be lowered with increase the robustness to fluctuations in
the energy costs and therefore help to estimate the environmental impacts of energy
consumption. Further, the paper shows there are several sustainable Value Stream
Mapping (VSM) techniques that map the carbon emissions of the manufacturing
processes and capture the economic, environmental and social sustainability of the
overall system. LCA being a similar method as VSM but is a more standardized
process and utilizes public data available for any calculation [40].

However, VSM and LCA are not found as dynamic as they do not carry out the
impact assessment on basis of the real-time manufacturing data [40], [39]. Therefore,
DES is a more suitable tool to capture the real-time data and carry out the impact
assessment based on the simulated data. However, for DES to be possible to carryout
the impact assessment in parallel to simulating the production system, it requires
sophisticated software skills and time availability to carry out in detail LCA. For a
LCA, all the parameters that need to be measured in real-time have to be set for
continuous real-time impact assessments [40], [39].
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However, [39], [41] proposes a methodology of combining the less dynamic LCA and
the dynamic DES whereas [36] provides methodology for combining lean and green
strategies through DES. It is found that the proposed approaches are limited to data
availability at a process level as the methodologies have been tested onto simple case
studies and have obtained positive results through reducing overall production costs
effecting the economical aspects of the sustainability. Because, it depends on the
system capability to provide accurate data, knowledge and resources and data avail-
ability for such implementations [39]. In addition, [41] reflects that such integrated
methods also are limited to the environmental parameters at a process level and to
fully unfold the potential of the approach, product specific material consumption
parameters has to be considered and simulated on a process level.

Nancy Diaz et.al, [36] proposed three steps for simulating, optimizing, and valuating
performance indicators of a manufacturing system using lean and green strategies.
The steps are modelling the current state, optimizing the system with lean and
green strategies, and economic evaluation and implementation plan. These three
steps provide performance valuation of discrete production system through DES
where the DES model was evaluated with several lean and green strategies such as
increase in quality by reducing defects, production lead time or set-up time reduc-
tion etc., For each of these strategies, the impact and the changes to be carried
out in the DES were defined. However, the author does not use these strategies in
the form of KPIs and knowing the importance of using the measures in the form of
KPIs highlighted by [6], it is observed to have more consistent improvement scale
compared to having different strategies every time.

Lastly, the role of Digital Twin is that it provides DES with rich-data environment
[42]. DES utilizes this data effectively which paves the way for easy data accessibil-
ity for real-time optimization of production systems [42]. According to [42], there is
sufficient research and development on the adoption of Digital Twin for optimization
of products life-cycle. However, the research and development on utilizing Digital
Twin for sustainable improvements in the manufacturing processes are lacking.

4.2 Modelling and simulation of the Drone fac-
tory

This section provides the results obtained from qualitative and quantitative stud-
ies performed during environmental impact assessment and Banks methodology for
modelling and simulation of the Drone factory.

4.2.1 Model conceptualization
Model conceptualization is the third step in the Banks methodology, see 3.3. This
section provides results of the concepts or scenarios built for the model building
phase. For better understanding of the working of the Drone factory, the overview
of the Drone factory was drafted as shown below in the Figure 4.3
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Figure 4.3: Supply chain of the Drone factory.

The conceptualization of the Drone factory for the DES model was divided into four
different stages of concept models. The models evolved through the different stages
or concepts as shown below in the Figure 4.4

Figure 4.4: Conceptual models of all the scenarios.

The concepts are called as AS-IS scenario, Base scenario, Experimental scenario 1
and Experimental scenario 2. The work procedure for each of these scenarios will
be explained in detail using the process flow charts mapped for the same.

1. AS-IS scenario: The AS-IS scenario is the concept that reflects the current
work procedure followed in the Drone factory. Currently, only assembly of one
variant, ’Var A’ is been carried out. The assembly process for ’Var A’ includes
three stages of manual assembly carried out at three different stations, ’Stn 1’,
’Stn 3’ and ’Stn 4’, see AS-IS scenario in the Figure 4.4. The ’Quality check’
station checks for the quality of the product by inspecting the correct weight
of the product. The process flow chart for this concept is shown below in the
Figure 4.5
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Figure 4.5: Process flow chart for AS-IS Scenario.

2. Base scenario: The base scenario concept was built for the final assembly
to process two different product variants called as ’Var A’ and ’Var B’. ’Var
A’ is assembled at manual assembly stations while ’Var B’ is assembled at
the automatic assembly station. So as per requirements for the base scenario,
three manual assembly stations used for three stages of manual assembly in
AS-IS scenario were converted to two manual assembly stations (’Stn 1’ and
’Stn 3’ for ’Var A’) and one automatic station (’Stn 4’ for ’Var B’) 4.4.

Firstly, the components in the kitted pallet that arrives will be inspected
for their quality at respective assembly stations before that specific stage of
assembly takes place at each station. Which means, ’Var A’, ’Stn 1’ and
’Stn 3’ are utilized for stage 1 and stage 2 assembly respectively. Further, the
complete assembly of ’Var B’, ’Stn 4’ is utilized as automatic assembly station.
Further, all the assembled drones are directed to the ’Quality check’ station
for quality inspection that includes inspecting the right assembly and product
functionality. The process flow chart shown in the Figure 4.6 describes the the
work procedure for the base scenario.
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Figure 4.6: Process flow chart for Base scenario.

3. Experimental scenario 1: The Experimental scenario 1 included additional
station as a parallel station, ’Stn 2’. In this scenario, ’Var A’ is processed
in three manual assembly stages carried out at ’Stn 1’,’Stn 2’ and ’Stn 3’
respectively. ’Var B’ is processed in one stage at ’Stn 4’ which is an automatic
assembly station, see Figure 4.4. The quality check of components is carried
out at each stations and quality inspection for inspecting right assembly and
functionality is carried out for all the assembled drones at ’Quality check’.
The process flow chart shown in the Figure 4.7 describe the concept of the
experimental scenario 1.
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Figure 4.7: Process flow chart for Experimental scenario 1.

4. Experimental scenario 2: In the Experimental scenario 2 concept, the ’Stn
2’ is transformed from a parallel station in experimental scenario 1 to a dynam-
ically re-balanced station. The station is designed to process manual assembly
for both product variants, ’Var A’ and ’Var B’ and is utilized when there is
requirement to increase the production capacity.

The station performs complete assembly of both variants and therefore the
buffer state at the stations ’Stn 1’ and ’Stn 4’ is used as triggers for utilizing
’Stn 2’. The bottlenecks/blockages caused at ’Stn 1’ (Stage 1 of ’Var A’)
and ’Stn 4’ (complete assembly of ’Var B’) due to increase in production
demand will be prevented by utilizing a dynamic station. The quality check of
components is carried out at each stations and quality inspection for inspecting
right assembly and functionality is carried out for all the assembled drones at
’Quality check’. The details of work procedure for experimental scenario 2 is
described through the process flow chart below in the Figure 4.8.
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Figure 4.8: Process flow chart of the Experimental scenario 2.

4.2.2 Data collection
Firstly, the data regarding production parameters such as processing times of both
variants for respective scenarios, availability, MTTR, Scrap processing times and
setup times were collected and is shown in the Table 4.4. As there is no set-up
activity followed during assembly process of both the variants, the setup-times were
considered to be 0 min. The scrap processing time was assigned to process defected
components at stations during quality inspection activity at each station.
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Table 4.4: Production parameters for the four scenarios.

Experiment Station

Processing
time
Var A
(min)

Processing
time
Var B
(min)

Availability
(%)

MTTR
(min)

Scrap
Processing

time
(min)

AS-IS
scenario

Station 1 2.5 - 70 0.5 1

Station 2 - - - - 1
Station 3 4.4 - 70 0.5 1
Station 4 2.17 - 70 0.5 1

Quality
check

2 - 70 0.5 1

Base
scenario

Station 1 4.4 - 70 0.5 1

Station 2 - - - - 1
Station 3 4.65 - 70 0.5 1
Station 4 - 3 80 4 1

Quality
check

2 1 70 0.5 1

Experimental
scenario 1

Station 1 2.5 - 70 0.5 1

Station 2 4.4 - 70 0.5 1
Station 3 2.17 - 70 0.5 1
Station 4 - 3 80 4 1

Quality
check

2 1 70 0.5 1

Experimental
scenario 2

Station 1 4.4 - 70 0.5 1

Station 2 10 4 - - 1
Station 3 4.65 - 70 0.5 1
Station 4 - 3 80 4 1

Quality
check

2 1 70 0.5 1
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4.2.2.1 Material consumption data

The material details such as material type, weight of each component and the quan-
tity of the components utilized were collected from product BOM’s of ’Var A’ and
’Var B’ as shown in the Tables 4.5 and 4.6. It was found that ’Var A’ is produced us-
ing ABS or Nylon components and ’Var B’ is produced using Nylon PA components.
The material cost of 1 kg of Nylon PA powder used for manufacturing components
through 3D printing was found to be 1315 SEK/kg [43]. In addition, the costs of
steel fasteners was assumed to be 20 SEK/kg. Using these values, the relative cost
of components was estimated for both the variants based on their respective weights
as shown in the below Tables 4.5 and 4.6.

Table 4.5: Components information for Drone variant ’Var A’

Part name Quantity Material
type

Total material
weight (kg)

Material cost
(SEK)

Ram 1 ABS/Nylon 0.002 5.84
Top cover 1 ABS/Nylon 0.018 52.6
Propeller Motor (2400 kV) 4 ABS/Nylon 0.024 70.13
Distance Motor 4 ABS/Nylon 0.024 70.13
Battery 1 ABS/Nylon 0.024 70.13
Propeller 4X4R 2 ABS/Nylon 0.004 11.68
Propeller 5X4R 2 ABS/Nylon 0.004 11.68
Antenna 1 ABS/Nylon 0.008 23.37
Controller 1 ABS/Nylon 0.06 175.33
Legs 4 ABS/Nylon 0.024 70.13
Frame 1 ABS/Nylon 0.066 192.86
Sub - frame 1 ABS/Nylon 0.002 5.84
Fasteners 18 Steel 0.092 1.84

Table 4.6: Components information for Drone variant ’Var B’

Part name Quantity Material
type

Total material
weight (kg)

Material cost
(SEK)

Frame 1 Nylon PA 0.092 151.22
Topcover 1 Nylon PA 0.024 39.45
Bottom Cover 1 Nylon PA 0.02 32.87
Battery 1 Nylon PA 0.086 141.36
Antenna 1 Nylon PA 0.012 19.72
Propellor 4 Nylon PA 0.016 26.3
Propelllor Motor 4 Nylon PA 0.04 65.75
Drone Legs 4 Nylon PA 0.072 118.35
Control Box 1 Nylon PA 0.032 52.6
PCB pannel sub-assembly 1 Nylon PA 0.08 13.806
Mounting Plate 1 Nylon PA 0.08 13.806
Circuit Board 1 Nylon PA 0.08 13.806
Voltage Unit 1 Nylon PA 0.08 13.806
Motor Controller 4 Nylon PA 0.08 13.806
Fasteners 8 Steel 0.032 0.8
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4.2.2.2 Energy consumption data

The production system was divided into different areas of production that included
four assembly station areas, one quality check area and a main conveyor area. It
was observed that every assembly station and the quality check included equipment
such as one PLC HMI and one monitor. The main conveyor area included one PLC
HMI and one FA conveyor. The equipment name and the power rating of all the
equipment considered is listed below in detail.

1. The FA conveyor used in the Drone factory is the Flexlink X-45 series conveyor
system. The power rating for this product was observed to be 0.6748kW [44].

2. The PLC HMI used in the Drone factory is a product of Beijer and with a
product series namely iX T7B-SM. The power rating for this HMI panel is
found to be 0.014 kW [45].

3. The Monitors used in the Drone factory are DELL monitors with a power rat-
ing of 0.0174 kW and was collected from the technical specifications mentioned
on the product.

The above power rating of each equipment was used to calculate the electricity con-
sumed for one hour of simulation time. The formula used for calculating electricity
consumed for one hour of equipment working was, Electricity consumed = Power
consumption(in kW) * number of working hours [46].

The Table 4.7 shows the total electricity consumed by the equipment in different
production areas of the production system.

Table 4.7: Electricity consumed by equipments in different production areas

Area Equipment’s that
consume Electricity

Power consumed
by PLC HMI
+Monitor[kW]

Power consumed
by FA conveyor

in [kW]

Electricity
consumed
in [kWh]

Station 1 PLC HMI+Monitor 0.014 + 0.0174 NA 0.0314
Station 2 PLC HMI+Monitor 0.014 + 0.0174 NA 0.0314
Station 3 PLC HMI+Monitor 0.014 + 0.0174 NA 0.0314
Station 4 PLC HMI+Monitor 0.014 + 0.0174 NA 0.0314
Quality check PLC HMI+Monitor 0.014 + 0.0174 NA 0.0314
Main conveyor PLC HMI+Conveyor 0.014 0.6748 0.6888

However, the power input data was incorporated in the DES by assigning power
input values to each production areas and based on working conditions (operating,
working, standby or failed) of each station during simulation period, the total elec-
tricity consumed at these areas was estimated. Further, for estimating the energy
costs, the electricity price per kWh was found to be 46.5 SEK/kWh and relative
energy costs were estimated dynamically based on the energy consumption results
in the DES [47].
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4.2.2.3 Environmental impact analysis

The above collected and estimated data for energy and material consumption was
further used in carrying out environmental impact analysis by aiming to find the
material and energy emissions caused by the material and energy consumption re-
spectively. The environmental impact analysis was carried out as one of the quan-
titative studies for analyzing the environmental impact caused by the production
system. According to paper [39], the most popular impact category was found to
be Global Warming Potential (GWP) in kg CO2-Equiv. and is most important for
accessing the impact of the process oriented production system. Therefore, CO2
emissions were considered to be the type of environmental impact that is suitable
for the supply chain of the Drone factory. It becomes crucial to set goals and scope
of the assessment and then define the system boundaries for the assessment [39].
The goal and scope of carrying out impact assessment was that to find:

1. What are the material-related CO2 emissions caused by processing material
utilized for one unit of product?

2. What are the energy-related CO2 emissions caused by the electricity consump-
tion in the production system?

Further, the system boundaries were defined by studying the supply chain and defin-
ing the inputs and outputs at each stage of manufacturing. The input and output
analysis was analyzed using IDEF0 model as shown in the Figure 4.9. The IDEF0
model resemble inputs and outputs (arrows that are pointing to right) where out-
puts of first two stages are inputs to the preceding stages, controls (arrows pointing
downwards) and resources(arrows pointing upwards).

Figure 4.9: IDEF0 model for the Inventory analysis.

The Figure 4.9 shows that there are three main life-cycle stages in the supply chain
that are additive manufacturing, in-house logistics and final assembly. The controls
for additive manufacturing and in-house logistics stage is observed to be work orders
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and for final assembly the controls are assembly instructions in addition to the work
orders. The resources at each stages are equipment used in each stage respectively
and operators in final assembly stage. However, operators are not included in the
scope of the environmental impact assessment.

The first stage, the component manufacturing of Drone components is carried out
using additive manufacturing also known as 3D printing technology. The technol-
ogy is a powder based SLS (Selective Laser Sintering) technology and the name of
the 3D printer used is "HP MultiJet fusion 5200 series". The main inputs for the
3D printer are found to be electricity and raw material in the form of Nylon PA
powder. The outputs are the manufactured Drone components and the solid waste
in the form of unused powder.

The second stage, is the in-house logistics, where all the manufactured components
from the first stage are used for kitting purpose along with additional components
such as steel fasteners which are received from the external subcontractors as shown
in the Figure 4.3. The quantity of fasteners added to the kitting pallets depends on
the quantity specified in the specific product variant BOM.

The third stage, is the final assembly where the main inputs considered are the kitted
pallets that include kitted components (3D printed components and steel fasteners)
and electricity supply for carrying out assembly process with the help of production
system equipment’s. The outputs are the assembled drones (’Var A’ and ’Var B’)
and the solid waste in the form of scrapped components (defected components in
the kitted pallet found at each station).

A compact inventory analysis was carried out for the first and second stage of sup-
ply chain that is additive manufacturing and in-house logistics for estimating carbon
emissions of a unit of specific product variant. The technical specifications of the
3D printing technology were collected for estimating material consumption for man-
ufacturing components required for one unit of the product. The specifications such
as manufacturing efficiency and productivity were used for estimating the input ma-
terial. For resource consumption which is the input mainly as material and energy
consumption to be converted into material-related carbon emissions and energy-
related carbon emissions, [48] provides equations as mentioned below in the Figures
4.10 and 4.11 respectively. The equation in the Figure 4.10 was used to fulfill the
first goal and equation in the Figure 4.11 was used to fulfill the second goal of
assessment defined.

Figure 4.10: Formula for Material emission calculation [48].
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For Me(i) being the material emissions for the ith process, where k is the type of
material and w is the number of types of materials processed, mk(i) is the mass
of the kth type of input material for the process and EF(k) is the carbon emission
factor of kth type of material.

Figure 4.11: Equation for Energy emission calculation [48].

For Ee(i) being the energy related emissions caused by the ith process, where
E_total(i) is the total electricity consumed by the ith process and EF(elec) is the
carbon emission factor of electricity. To find the carbon emission factor for the
electricity supplied to the production system, the parameters such as the area of
electricity consumed and type of source that electricity is generated from was con-
sidered. Considering the electricity supply to Sweden being divided between differ-
ent electrical areas, Gothenburg is found to be belonging to the third electrical area
and is found to be utilizing mostly electricity that is generated from hydro-power
[46]. Further, the carbon emission factor for electricity generated from hydro-power
was found to be 0.02 kgCO2 eq/kWh [46]. The Table 4.8 shows the example for
estimation carried out for carbon emissions from each of the equipment’s utilizing
electricity.

Table 4.8: Estimation of Energy emissions from the production system.

Area
Total electricity

consumed,
Etotal(i) [kWh]

Emission factor,
EF(elec)

[kgCO2eq/kWh]

Energy emissions,
Ee(i) [kgCO2eq]

Station 1 0.0314 0.02 0.000628
Station 2 0.0314 0.02 0.000628
Station 3 0.0314 0.02 0.000628
Station 4 0.0314 0.02 0.000628
Quality check 0.0314 0.02 0.000628
Main conveyor 0.6888 0.02 0.01377

For fulfilling the first goal which is to find the material emissions caused by one
unit of product variant, the following assumptions were made. The technical speci-
fications of two different equipment used for manufacturing components for ’Var A’
and ’Var B’ were considered. The efficiency of equipment, material or powder type
utilized and the emission factors for 3D printed components and steel fasteners is
mentioned below.

1. The manufacturing efficiency of the equipment used for manufacturing ’Var
A’ components was observed to be 45% and manufacturing efficiency of the
equipment used for manufacturing ’Var B’ was observed to be 80% the man-
ufacturing efficiency [49], [50].

2. As it was observed that ’Var A’ components were manufactured using ABS and
Nylon. For estimating material related emissions of ’Var A’, the estimations
are made by considering only Nylon material type for ’Var A’.
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3. The emission factors of Nylon PA and Steel are found to be 7.9 kgCO2eq/kg
and 1.77 kgCO2eq/kg [51]

to make estimations of material related carbon emissions from one unit, the material
consumption for one unit production need to be calculated [48]. The Table 4.9 below
shows the material consumption estimation made based on the efficiency of the two
equipment used for manufacturing components for ’Var A’ and ’Var B’ respectively.

Table 4.9: Estimation of Material consumption for life cycle stage 1 and 2.

Life-cycle stage
Components
manufactured
or utilized

Technology or
Equipment

Manufacturing
efficiency

[%]

Input
material

[kg]

Output
material

[kg]
Stage 1 (Var A)
3D printing

Var A
components

ECOSINT
P760 SLS 45% 0.5777 0.26

Stage 1 (Var B)
3D printing

Var B
components

HP Multi-Jet
fusion 5200
series

80% 0.625 0.5

Stage 2 (Var A)
In-house
logistics

Fasteners
for Var A

Pick and place
robot 99% 0.101 0.1

Stage 2 (Var B)
In-house
logistics

Fasteners
for Var B

Pick and place
robot 99% 0.03 0.3

The material emissions were calculated using the above mentioned formula in the
Figure 4.10. The material consumed is assumed to be the input material estimated
in the Table 4.9. The Table 4.10 shows the material emissions estimations.

Table 4.10: Estimation of Material emissions of Var A and Var B.

Material type Material emission factor
,EF(k) [kgCO2eq/kg]

Input
material,
mk(i) [kg]

Material emissions,
Me(i) [kgCO2eq]

Nylon PA
Var A components 7.9 0.5777 4.564

Steel
fasteners for Var A 1.77 0.101 0.1787

Nylon PA
Var B components 7.9 0.625 4.937

Steel
fasteners for Var B 1.77 0.03 0.05

The total material emissions for each product variants ’Var A’ and ’Var B’ was
estimated by summing the respective material emissions obtained from 3D printed
components and fasteners. The Table 4.11 below shows the material emissions of
each unit of the drone.
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Table 4.11: Material emissions for Var A and Var B.

Product variant Total Material emissions,
Me(i) [kgCO2eq]

Drone Var A 4.7
Drone Var B 5

4.2.3 Experimental analysis

This section explains in detail the behaviour and the performance of the four man-
ufacturing scenarios which are explained in the previous sections. The results of the
experimental analysis are obtained from the experiment manager in plant simula-
tion. All four scenario simulations were run for a time duration of six days with a
warm-up period of one day with a total of ten replications for each scenario.

4.2.3.1 Scenario 1: The AS-IS scenario

Figure 4.12: AS-IS scenario

The AS-IS scenario is a replica of the drone manufacturing facility at SII-lab. Since
this scenario involves only a single variant of the drone and the lab is introducing
another variant into the existing production line this scenario was only used to
validate the statistical results of the simulation model. In the AS-IS scenario, the
testing was performed by varying the number pallets as the input control. Since in
this scenario there are four stations in which three are assembly stations and one
quality control the the minimum number of pallets entering the system was set to
five. A total of twelve pallet sizes or number of pallets were selected starting from five
to twenty-five pallets to identify their effect on the throughput and the integrated
sustainability KPIs. The following Tables 4.12 and 4.13 shows the simulation results
of the throughput and sustainability KPIs for varying pallet sizes of the AS-IS
scenario.
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Table 4.12: Throughput analysis for varying pallet sizes (AS-IS scenario).

Pallet Size Throughput ThroughputPerHour Lead Time
5 1091.7 9.09 00:30:57
7 1086.1 9.05 01:30:57
9 1089.2 9.07 02:30:57

11 1086.7 9.05 03:30:57
13 1090.1 9.08 04:30:57
15 1088.9 9.07 05:30:57
17 1089.7 9.08 06:30:57
19 1086.9 9.05 07:30:57
21 1091.1 9.09 08:30:57
23 1091.9 9.09 09:30:57
25 1086.8 9.05 10:30:57

Figure 4.13: TPH vs Palletsize vs Lead Time (AS-IS)

From the Table 4.12 and Figure 4.13 we can infer that the TPH remains almost
constant with increasing pallet sizes. It is observed that there is a drastic increase
in the lead times with increasing pallet sizes and this can be attributed to the fact
the individual assembly stations have very long processing times. This accompanied
with lower availability rates due to manual assembly and inspection creates a bot-
tleneck in the system when the number of input pallets are increased. This leads
to a block in the production line by occupying space on the FA conveyor. Figure
4.14 shows the resource utilization statistics of the individual stations for when the
number of input pallets are 7. From the Figure 4.14 it can be inferred that the
assembly station 3 has a very high utilization rate which increases the waiting times
of the station 4 and quality control thereby creating a bottleneck in the production
line.
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Figure 4.14: Resource Utilization Statistics of AS-IS scenario with (7 Pallets).

Table 4.13: KPI analysis for varying pallet sizes (AS-IS scenario).

Pallet
size

Total Production
Cost (SEK)

First Pass
Yield
(%)

Total Material
Consumption

(kg)

Total Energy
Emissions
Per Part
(kgCO2eq)

Total Material
Emissions
(kgCO2eq)

5 870949.22 95.78 393.56 0.00176280 5356.20
7 876617.22 95.79 391.55 0.00177188 5369.41
9 878821.22 95.81 392.66 0.00186683 5373.04
11 876921.22 95.79 391.76 0.00187094 5371.29
13 879498.02 95.82 392.98 0.00176543 5367.26
15 878593.22 95.82 392.56 0.00186730 5371.63
17 879118.02 95.82 392.83 0.00186610 5384.91
19 876997.04 95.80 391.83 0.00177055 5381.75
21 870341.22 95.82 393.35 0.00186374 5382.44
23 870721.22 95.82 393.64 0.00186249 5384.79
25 876928.23 95.83 391.80 0.00187081 5381.30

The above Table 4.13 shows the results of the sustainability KPIs for varying pallet
sizes. From the table it can be observed that with the increasing pallet sizes the
total production costs increase even though the total throughput decreases with
increasing pallet sizes. This is because as the lead times increases the associated
overhead production costs keep increasing even though the throughput per hour
obtained from the system remains constant. A similar trend can be observed with
the material and energy emissions which also depicts a slight increase in their values
due to increasing utilization rates of the resources. As the utilization rates of the
resources go on increasing the number of bottlenecks within the system also increases
which adversely affects the sustainability KPIs and the throughput of the system.
The Figure 4.15 shows the energy consumption statistics of the AS-IS scenario.
Since the quality of the products from the production system was assumed to have
a permissible defect rates up-to five percent the simulation results for the first pass
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yield yielded a uniform value of 95% for all the experiments. A detailed report of
the KPI measures and the elemental KPIs obtained from Plant simulation is given
in appendix A.

Figure 4.15: Energy Utilization Statistics (AS-IS)

4.2.3.2 Scenario 2 : The Base scenario

Figure 4.16: Base scenario

The Base scenario is the planned future state of production at the SII-Lab which
involves the production of two different variants of the drone. The working of the
Base scenario and the production parameters are explained in the section model
conceptualization. The base scenario was tested against two input parameters, firstly
varying number of input pallets and the second varying customer demand for the two
variants. Similar to the AS-IS state a total of twelve pallet sizes or number of pallets
were selected ranging from five to twenty-five to identify the most suitable number of
pallets that the system can process to maximize the throughput whilst maintaining
the production and sustainability KPI values at nominal levels. The following Tables
4.14 depict the statistics obtained from the simulation of this scenario.

46



4. Results

Table 4.14: Throughput analysis for varying pallet sizes (Base scenario).

Pallet size Throughput ThroughputPerHour Lead Time
5 1812.6 15.10 18:32.2
7 1988.6 16.57 23:46.9
9 2040.6 17.00 29:57.6

11 2056.6 17.13 35:58.9
13 2057.7 17.14 41:53.2
15 2065.8 17.21 48:17.4
17 2046.9 17.05 54:05.3
19 2063.8 17.19 01:00:03
21 2066.9 17.22 01:06:22
23 2046.9 17.05 01:13:56
25 2059.8 17.16 01:20:02

Figure 4.17: Pallet size vs TPH vs Lead Time (Base Scenario).

The results in the Table 4.14 and Figure 4.17 depicts that the total throughput of
the system has increased when the number of pallets entering the system increases.
Although, the total throughput shows an increase it is interesting to note that the
TPH of the system increases with the increase in the number of pallets from five
to nine and from that point on-wards the TPH remains constant throughout for
any change in the pallet sizes. The data therefore indicates that its most suitable
to limit the number of pallets to nine as any further increase would mean that the
production system has a significantly higher lead time for a marginal increase in the
total throughput and TPH. Moreover the increasing lead times further increase the
associated production costs as shown in the Figure 4.18 due to the increase in the
utilization rates of the production resources such as material, energy, transportation
and inventory. This can be further inferred from the production and sustainability
KPIs as shown in the Table 4.15. Therefore it can be concluded that there aren’t
any significant economic, environmental or social gains that the current production
system or the base scenario can achieve when the number of pallets in the system
is more than nine.
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Table 4.15: KPI analysis for varying pallet sizes (Base scenario).

Pallet
size

Total Production
Cost (SEK)

First Pass
Yield
(%)

Total
Material

Consumption(kg)

Total energy
Emissions
Per Part
(kgCO2eq)

Total
Material
Emission
(kgCO2eq)

5 1441092.19 95.92 734.95 0.001061948 9164.95
7 1579362.91 95.99 806.73 0.000968144 10047.79
9 1620961.47 95.96 827.93 0.000943371 10313.30
11 1633861.16 95.95 833.71 0.000935956 10394.40
13 1634516.86 95.96 833.80 0.000935705 10397.56
15 1640768.39 95.99 837.77 0.00093196 10439.17
17 1625926.91 95.98 829.68 0.000940445 10341.93
19 1639700.41 95.96 836.71 0.000932871 10432.09
21 1642101.07 95.94 838.48 0.000931325 10448.45
23 1626203.10 95.96 829.40 0.000940505 10344.01
25 1635852.45 95.99 834.86 0.000934605 10406.97

Figure 4.18: Production Cost vs Lead Time for varying pallet sizes.
From the above data it is clear that optimal number of pallets for the base scenario is
nine and any further increase has a negative impact on the sustainability KPIs due
to increasing resource consumption and higher emissions even though the system
can achieve a higher total throughput which is still not justified by the associated
increase in production costs and lead times. A detailed report of all the sustainability
and productivity KPIs such as the scrap ratio, rework ratios, utilization efficiencies,
cycle times and the emissions obtained from plant simulation for 11 experiments are
given in appendix A. Furthermore by comparing the resource utilization rates of the
AS-IS scenario and the Base scenario as shown in the Figure 4.19 it is evident that
the Base scenario has a much better performance than the AS-IS state since the
assembly station 1 and assembly station 3 seem to to be utilized almost at an equal
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rate compared to the AS-IS state where assembly 3 had the highest utilization rate
thus resulting in a bottleneck that hindered the performance of the system.

Figure 4.19: Resource Utilization Statistics for AS-IS vs Base Scenario with (9
pallets).

Furthermore the Base scenario was tested against another input parameter "cus-
tomer Demand" with the selected optimum number of pallets for the two drone
variants. A total of three experiments with 10 replications of the following demand
percentages were carried out for further analysis.

Table 4.16: Customer Demand Table.

Demand Var A
(%)

Demand Var B
(%)

50 50
25 75
75 25

The following Table 4.17 presents the results on the effect of changing customer
demand on the selected production system KPIs.

Table 4.17: Throughput Analysis for Varying Customer Demand (Base Scenario).

Demand(A-B) Throughput Throughput Per Hour Lead Time
50-50 2040.6 17.00 00:29:58
75-25 1361.8 11.34 00:44:11
25-75 2396.8 19.97 00:25:25
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Figure 4.20: Impact of Customer Demand on TPH and Lead Time.
From the above Figure 4.20 and Table 4.17 we can observe that the TPH is better
when the the demand ratios between ’Var A’ and ’Var B’ is between 50-50 and 25-75
when compared to the ratio 75-25. This is because the processing times of ’Var A’ is
much higher due to a manual assembly and a larger number of components in ’Var
A’ compared to the automated assembly and fewer components in ’Var B’. Since the
base scenario yielded high utilization rates for the assembly stations that resulted
in bottlenecks along the production line which adversely affected the productivity
and sustainability KPIs, the following improvement scenarios were conceptualized.

1. Experimental scenario 1: In this scenario a parallel assembly station was
added and the production stages were re-balanced on these stations as shown
in the Figure 4.21. A detailed explanation about how this scenario operates
has been explained in the section under model conceptualization.

2. Experimental scenario 2: In this scenario the parallel assembly station
was intended to be used as a flexible station or a dynamically re-balanced
station which would be activated whenever one particular station is being
highly utilized as shown in the Figure 4.22. A detailed explanation about
how this scenario operates has been explained in the section under model
conceptualization.

Figure 4.21: Experimental scenario 1: Parallel Assembly Station.
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Figure 4.22: Experimental scenario 2: Dynamically Re-balanced Station.

4.2.3.3 Base scenario vs Experimental scenario 1 vs Experimental sce-
nario 2

This section presents results for the experiments performed on the three scenarios
with common input variables. All three scenarios were tested with an optimum
pallet size or the optimum number of pallets identified in the previous section for
varying customer demands. The following Table 4.18 presents the cumulative results
of the experiments performed with a confidence interval (CI) of 95% for all three
scenarios.

Table 4.18: Throughput analysis of Selected Scenarios

Scenario Demand (A-B) Throughput TPH(+/-CI) Lead Time
Base

Scenario 50-50 2040.6 17.00(+/-0.24) 00:29:58

75-25 1361.8 11.34(+/-0.18) 00:44:11
25-75 2396.8 19.97(+/-0.26) 00:25:25

Experimental
Scenario: 1 50-50 2177.5 18.14(+/-0.22) 00:28:02

75-25 1449.0 12.07(+/-0.17) 00:38:03
25-75 2398.4 19.98(+/-0.29) 00:25:28

Experimental
Scenario: 2 50-50 2571.4 21.42(+/-0.18) 00:23:39

75-25 1859.9 15.49(+/-0.18) 00:32:54
25-75 3233.7 26.94(+/-0.21) 00:18:25
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Figure 4.23: Demand vs TPH vs Lead Time.

From the above graphs and results we can infer that the both the experimental
scenarios provide a much higher throughput and TPH when compared to the base
scenario in all the the three demand variations. The lead times in which the ex-
perimental scenarios achieve these throughput’s are also much lower than that of
the base scenarios indicating that the system performance has been improved by
the modifications made in these cases. In the experimental scenario 1 the increase
in the throughput and the TPH values can be attributed to the fact that the ad-
dition of a parallel station can alleviate the load on assembly station 3 which had
a high utilization rate in the Base scenario due to the long processing times of Var
A. However with the addition of this new parallel station it can be observed from
the Figure 4.24 that the bottleneck station now shifts to assembly station 2 or the
parallel station. This is because in this scenario the parallel station is used only for
processing the resource intensive Var A whose production stages and cycle times
have been re-balanced on three station rather than on two stations as it was done
previously in the base scenario. Although this additional parallel station can be
re-balanced in several different ways due to the high processing times associated
with Var A the bottleneck keeps shifting between Assembly stations 1, 2 and 3.

Figure 4.24: Resource Utilization Statistics for Experimental Scenario 1.
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The above graph depicting the resource utilization rates for the experimental sce-
nario 1 is a clear indication of the of the reason why we observe only a marginal
increase in the TPH when compared to the base scenario. However in case of the
experimental scenario 2 where the additional station is used as a dynamically re-
balanced station we can notice a significant increase in the TPH and this because
the stations are utilized more efficiently and the utilization rates are almost equal
across all the stations. The idea behind using the additional station as flexible sta-
tion instead of a parallel station was to alleviate the load on the station that is
getting highly utilized thereby avoiding a shifting bottleneck situation as seen in
experimental scenario 1. This enables the production system to work seamlessly
without any obstructions or stoppage along the production line thereby improving
the overall system performance. The comparison of the resource utilization statistics
between the two experimental scenarios is shown in the Figure 4.26.

Figure 4.25: Resource Utilization Statistics for Experimental Scenario 2.

Figure 4.26: Resource Utilization Statistics of Scenario 2 vs Scenario 1.

Furthermore another important aspect to be considered is the sustainability of the
production processes. While the system is able to achieve a higher productivity
through increased TPH and decreased lead times it is essential to keep a check on
whether these improvements have come as a trade-off against the environmental
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KPIs. The following Table 4.19 provides us with the results of the sustainability
KPIs for the three scenarios.

Table 4.19: KPI analysis of Selected Scenarios.

Scenario Demand
(A-B)

Total Production
Cost (SEK)

Scrap
Ratio

Rework
Ratio

Base
Scenario 50-50 1620961 0.892 4.01

75-25 1084545 0.906 4.13
25-75 1902294 0.923 3.98

Exp
Scenario 1 50-50 1730500 0.868 4.07

75-25 1153612 0.829 4.11
25-75 1904242 0.922 4.00

Exp
Scenario 2 50-50 2039796 0.163 3.97

75-25 1477873 0.242 4.05
25-75 2564882 0.253 4.00

Scenario Demand
(A-B)

Total
Energy

Consumed
[kWh]

Total
Energy

Emissions
per Part
[kgCO2eq]

Total
Energy
Emission
[kgCO2eq]

Total
Material
Emission
[kgCO2eq]

Base
Scenario 50-50 96.216 0.0009433 1.924 10313.30

75-25 96.216 0.0014136 1.924 6781.21
25-75 96.216 0.0008031 1.924 12296.95

Exp
Scenario 1 50-50 99.984 0.0009185 1.999 11011.69

75-25 99.984 0.0013805 1.999 7215.05
25-75 99.984 0.0008340 1.999 12308.87

Exp
Scenario 2 50-50 96.216 0.0007484 1.924 12986.45

75-25 96.216 0.0010348 1.924 9254.39
25-75 96.216 0.0005951 1.924 16594.24
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Figure 4.27: Comparison of Energy Emissions Per Part.

From the Table 4.19 and the Figure 4.27 it is evident that the experimental scenario
2 has the least amount of total energy emissions and energy emissions per part when
compared to the base and experimental scenario 1. This is primarily because in the
operative scenario 2 the assembly station 2 is activated only during a certain interval
unlike in scenario 1 where the parallel station is always in the working state.

Figure 4.28: Energy utilization statistics of scenario 1 vs scenario 2.

From the above Figure 4.28 showing the energy utilization statistics of scenario 1
vs scenario 2 we can infer that the stations in scenario 1 are at an operational state
for a longer duration when compared to scenario 2. The issue with the stations
having a larger operational duration than working duration’s is that they still con-
sume energy in this state for even though they do not contribute towards processing
new drones or towards any value-adding work. This increases the associated energy
emissions and the corresponding energy emissions per part. Moreover since in the
current production system of the drone factory where the energy consumed in work-
ing and operational states are the same it is a clear indication that it is beneficial
to use the additional station as a dynamically re-balanced station. This is because
scenario 2 has a higher working duration for the assembly stations thus resulting
in a much lower energy consumption and emissions while contributing towards a
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higher productivity and value-adding work when compared to scenario 1.

In the second scenario it can also be observed that the scrap ratio and the rework
ratio decreases mainly due to the fact that station 2 is responsible for the entire
assembly of the drones which decreases the margin of error for incorrect assemblies
and defected components. However the material emissions and the production costs
increase but this is because as the throughput increases the associated material con-
sumption also increases due to which we incur higher production cost and material
emissions. The results of the simulation therefore show us that instead of using the
additional station 2 as a parallel station if we use it as a flexible and dynamically
re-balanced station we are able to achieve a higher TPH with lesser lead times and
improve but also decrease the emissions and waste generated thereby improving the
overall sustainability of the production process.
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This section provides an in depth analysis on how this master thesis project was
carried out and the results obtained. The findings of the following research questions
are discussed in detail in order to achieve the objectives and purpose of this master
thesis.

5.1 Research Question 1
RQ1: Which are the most suitable KPIs to assess the sustainability of production
systems through a DES model?

Production systems are said to achieve sustainability when they are capable of cre-
ating value in all the three dimensions of sustainability which are represented as the
TBL. Being economically, environmentally and socially sustainable means that the
system needs to choose different alternatives or scenarios in such way that the opera-
tions of the system have a balanced effect on indicators that reflect the 3 dimensions
of sustainability. For example, increasing quality and customer satisfaction with
decrease in emissions and production costs. This can be possible through effective
performance management and decision making. KPIs play an important role in
the measurement of performance of a production system, and also in assessing the
improvement potential of the system. This supports the evaluation of success rate
of the production system by making decision making simpler from a management
perspective.

The search strategy for the literature study was to obtain the most suitable sustain-
able KPIs that are proposed by the literature in the context of production systems
using DES and DT. The literature shows that the selection of KPIs in the indus-
tries are not clearly understood and defined, and depends on the description of
each elemental KPI that organisation has defined. The method of categorization of
KPIs obtained from literature, included KPIs in three levels such as elemental, ba-
sic and comprehensive. The elemental level KPIs were the measures and were used
to estimate basic level KPIs and further these basic level KPIs used for estimating
comprehensive level KPIs. As the measures were to the elemental level, this helped
in broadening the improvement opportunities for the DES model and validate the
KPI results obtained from the DES. For instance, First Pass Yield (FPY), scrap ra-
tio and rework ratio being the elemental KPIs of the basic KPI, quality, the values
obtained had to sum up to 100%, which is said to be a valid result.
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Incorporating right set of KPIs will make decision making more effective and ac-
curate [26]. The selection of KPIs need to consider to evaluate the objectives of
the KPIs against the objectives of the production system. The objective of the
production system is to attain material efficiency and energy efficiency in the pro-
duction system that will lead to fulfill TBL aspect of sustainable production. For the
project, the KPIs proposed by the literature were evaluated against the objectives
of the production system. However, the project was limited to incorporate economic
and environmental KPIs in the DES. therefore, the most recurring economical basic
KPIs were selected such as quality, delivery, productivity and cost and the most
recurring environmental basic KPIs were selected such as resource utilization, emis-
sions and waste. Further the elemental KPIs were selected based on the relevance
to the Drone factory and possibility to estimate using the attributes obtained from
the DES of the Drone factory. For example, the selected basic economic KPI, cost
include elemental KPI, labour cost along with material and energy cost. But in the
case of the Drone factory, which is a test-bed, there is no real manufacturing taking
place with assigned labour cost. Hence, only the elemental KPIs that are relevant
and feasible for measuring using the attributes obtained in the DES model were
estimated.

The modelling was carried out by adding the missing energy and material data for
measuring the selected KPIs. Not all the necessary data was available for mea-
surement by using the attributes in the DES. The measures such as emissions from
material and energy consumption were obtained by performing a compact envi-
ronmental impact analysis (quantitative analysis) with defined goals and system
boundaries. In addition, the material and energy information was added into the
model for the selected KPIs to be incorporated in the DES of the Drone factory and
hence achieve the objectives of the production system. In case of real-time produc-
tion system, collecting data in most detailed level will have significant impact on
the results of the assessment. However, as the project was for the test-bed and with
a limited amount of data, our goal and scope was to obtain and estimate values to
incorporate the impact analysis results with the simulation model and carry out ex-
perimentation. As this is the first step towards combining the assessment model with
the DES model, the method for analyzing the environmental impact was decided to
be simpler with limited range of boundaries considered without compromising on
the necessary KPIs.
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5.2 Research Question 2

How can DES be used to improve the sustainability of the production systems and
what are the data points required for a real time decision making process that con-
tributes towards a Digital Twin for sustainable production?

DES is a very effective and valuable tool to evaluate and analyze complex man-
ufacturing operations which involves numerous product and process variabilities.
Simulations are a cost effective and reliable source for analyzing different produc-
tion practices and strategies. The Siemens Technomatix Plant Simulation which
used as the DES tool in this master thesis is a remarkably versatile software that
helps us to intuitively monitor the model performance through the use of various
animation features which are in-built in the software. Moreover the object-oriented
programming capabilities in the software enables us to keep a track of the MU’s
and their components in the object class library. Complex models, which can mimic
the behaviour of a real world production system can be simulated by using DES to
study the performance of these systems and determine how they can be improved.
Therefore, it serves as an ideal platform which can be used to model and study how
to improve the sustainability of the production systems whilst being able to achieve
a high productivity. To measure and improve the sustainability of the drone fac-
tory at SII-Lab the project contributed towards creating a replica of the production
facility that is able to replicate the behaviour of the current production system to
degree of accuracy that is acceptable by the SII-Lab.

In order to measure the sustainability through DES we were able to set user de-
fined attributes for the objects and resources in Plant simulation. Based on the user
defined attributes the software has the capability to provide key statistics about
the performance of the model through various methods such as show attributes and
methods. The necessary data required to measure the sustainability KPIs such as
material and energy emissions, waste and resource utilization was provided as in-
put data into the DES which were then used for measuring the sustainability of
the system. In order to improve the production system’s sustainability multiple
scenarios were created from the base model. One of the more important findings
from the literature suggested the quality improvements for zero-defect manufactur-
ing (ZDM). ZDM is a manufacturing strategy whose main objective or goal is to
decrease or mitigate the production errors and disturbances thereby preventing de-
fects in products [52]. Although ZDM contributes towards reducing the costs of
the company resources associated to treating defected products it also helps reduces
waste and improves the sustainability. In other words the ZDM strategy tries to
eliminate all non-value adding activities in a process [52]. The Base scenario was
created to conform with this idea to identify the scrap and rework at the individual
assembly stations where the defects in products can be monitored thereby improving
the quality and reducing the waste generated due to defected products. Industries
could therefore try to adopt the ZDM scenario by changing the design of the pro-
duction system by installing high speed cameras and sensors with image recognition
software’s at the assembly stations to identify the scrap and incorrect assemblies.
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However, for this project the ZDM scenario could be simulated on the Plant simula-
tion software though a code which made the model to identify the scrap components
at individual assembly stations to decrease the number of faulty products arriving
at the quality station.

From a digital twin perspective, the ZDM scenario could not be controlled in real
time for sustainability improvements as it involved a design change of the production
system. It was necessary to identify an operative scenario that could be controlled in
real time to achieve the economic and environmental aspects of sustainability. The
experimental scenario 2 which suggested the use of an additional assembly station
which shall be activated only when the capacity of any other station has become
maximum making it the bottleneck station. This way we create a dynamically re-
balanced station that can alleviate the load on the highest utilized stations, hence
avoiding a bottleneck situation along the production line. It can be argued that the
extra station can also be used as a parallel station where the processing times can
be re-balanced to avoid the bottlenecks as in case of the experimental scenario 1.
However, from the experimental results and analysis it was observed that although
a parallel station can help in avoiding the bottlenecks it accounts for a higher energy
emission as it is always in the active state when compared to the operative scenario
where the station is activated only for a certain duration of time hence consuming
lesser energy resulting in lesser emissions. Moreover, the customer demand in a real
world situation keeps changing dynamically and hence when the demand is low the
load on the system decreases which makes it redundant to use the additional station
as a parallel assembly station.

Therefore, from a digital twin perspective it is necessary for this identified operative
scenario to establish a bi-directional flow of information between the physical and
virtual entities. This real-time data exchange is necessary, so that the system can
discern at what point during the production run should it activate the the additional
assembly station. In order to establish these connections certain data points from
the simulation model must be collected which can be set as triggers so that the
system can autonomously take decisions on when to activate and deactivate the
stations. Some of the triggers that can be used for this purpose are by measuring
the work in progress of the products, utilization rates of the assembly stations, buffer
capacities of the assembly stations and the position of the products on the conveyor
lines. Collecting and monitoring data from these data points and implementing the
required connections for this data to be exchanged between the physical and virtual
entities, we can create a digital twin that is capable of making our production
systems more sustainable.
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5.3 Future work
In order to achieve the entire TBL aspects of sustainable production apart from eco-
nomic and environmental factors we also need to consider the social factors such as
employee health, safety, satisfaction, development etc. which is not being assessed
in this master thesis project due to the lack of data availability for measuring these
aspects. This is primarily due to the fact the SII-Lab did not have dedicated shop-
floor workers to perform the assemblies of the drone since it is a facility for testing
neoteric manufacturing technologies. However, the SII Lab provides the possibility
of testing ideas in a realistic production scenario, which could allow measuring social
factors with the right data, resources and sensors.

As learnt from the literature results, there is limited research that focuses on cre-
ating a framework or a methodology for integrating environmental impact analysis
tools such as LCA with the DES model for a more dynamic and sustainable decision
making. LCA is said to have less dynamicity as it uses standard values for its esti-
mation purpose and therefore needs to be updated manually when the parameters
in the DES model change. There are currently few methodologies or frameworks for
integrating the DES with such tools, but these are limited to the complexity of the
production system, data availability and resources. The scope for the future work
can be to contribute to creating a framework for integrating a suitable environmen-
tal impact analysis tool with the DES of any production system. The framework
must be designed for multiple levels of complexity in industries. However, the data
availability or capturing with suitable resources is essential for more accurate impact
analysis to be carried out. The impact analysis must be compact but be capable
to provide production managers (decision makers) without compromising on the
overall impact assessment. The assessment needs to provide information mainly
for efficient resource utilization and therefore resulting with positive economic and
environmental impacts.
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This master thesis project aimed to contribute towards measuring and implementing
the TBL aspects of sustainability at the SII-Lab through a DES that can contribute
towards creating a Digital Twin to monitor the process across its life cycle. The SII-
Lab provides us with the flexibility to build and test different types of production
setups such a continuous, line, job flow or as in this project a discrete production
system. This flexibility combined with the potential of bi-directional information
flow between the physical and virtual entities shows the effectiveness of the SII-Lab
to test the feasibility of a digital twin. DES is an efficient method to create a high
fidelity virtual representation of the production facility. As the model behaviour
could easily be changed by changing the system parameters and the corresponding
production performance of the system could be evaluated. The prospects of using
DES for the modelling and simulation of the production systems to study, implement
and improve the sustainability aspects of the production process has proved to be an
efficient method through this project which can further be explored by manufactur-
ing organizations. This process provides a cost-efficient solution to analyze multiple
manufacturing scenarios to identify the best system in a virtual environment.

A key takeaway from the literature review was that most industries face a chal-
lenge in being able to set up KPIs that can help them asses the sustainability of
their production processes. Through this project we have been able to identify and
classify sustainability metrics that can provide a clear understanding of what is hap-
pening during the process. These identified indicators can aid in making decisions
to improve production sustainability without making any trade-offs or compromises
on overall productivity. Through the integration of these sustainability indicators
into the virtual entities we can evaluate the production systems for their economic,
environmental and social performance. The data obtained from these performance
indicators in the virtual models can be used to create triggers for selecting a man-
ufacturing scenario to ensure production sustainability. With the advancement of
digitalization technologies such as CPS, we will be able to create a Digital Twin
that can autonomously control and monitor the production process for ensuring
sustainability in production.
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A.1 Results of ASIS scenario experiments

Figure A.1: Evaluations of the ’Throughput’ for 11 different number of pallet sizes
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Figure A.2: Evaluations of the ’Energy consumption’ for 11 different pallet sizes

Figure A.3: Evaluations of the ’Energy emissions’
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Figure A.4: Evaluations of First Pass Yield

Figure A.5: Evaluations of Lead time

Figure A.6: Evaluations of Material Consumption
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Figure A.7: Evaluations of Lead time

Figure A.8: Evaluations of Production cost
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Figure A.9: Evaluations of Scrap cost

Figure A.10: Evaluations of Rework ratio
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Figure A.11: Evaluations of Scrap ratio

Figure A.12: Evaluations of Total energy emissions
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Figure A.13: Evaluations of Throughput Per Hour

Figure A.14: Evaluations of Utilization efficiency of Station 1
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Figure A.15: Evaluations of Utilization efficiency of Station 3

Figure A.16: Evaluations of Utilization efficiency of Station 4
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Figure A.17: Evaluations of Utilization efficiency of Quality check

Figure A.18: Evaluations of Energy utilization at all the stations
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Figure A.19: Evaluations of Utilization efficiency at all the stations

A.2 Results of Base scenario experiments

Figure A.20: Evaluations of the ’Throughput’ for 11 different number of pallet
sizes

X



A. Appendix 1

Figure A.21: Evaluations of the ’TPH’ for 11 different number of pallet sizes

XI



A. Appendix 1

Figure A.22: Evaluations of the ’Lead Time’ for 11 different number of pallet sizes

Figure A.23: Evaluations of the ’Production Cost’ for 11 different number of pallet
sizes
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Figure A.24: Evaluations of the ’Scrap Ratio’ for 11 different number of pallet
sizes
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Figure A.25: Evaluations of the ’Rework Ratio’ for 11 different number of pallet
sizes

Figure A.26: Evaluations of the ’Rework Ratio’ for 11 different number of pallet
sizes
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Figure A.27: Evaluations of the ’Total Material Consumption’ for 11 different
number of pallet sizes

Figure A.28: Evaluations of the ’Energy Emission per Part’ for 11 different number
of pallet sizes
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Figure A.29: Evaluations of the ’Total Material Emissions’ for 11 different number
of pallet sizes
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Figure A.30: Evaluations of the ’Scrap Consumption’ for 11 different number of
pallet sizes

A.2.1 Results for 75-25 demand scenario

A.3 Results of Base scenario experiments

Figure A.31: Evaluation of Throughput

Figure A.32: Evaluation of Energy emissions
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Figure A.33: Evaluation of Energy emissions per part

Figure A.34: Evaluation of First Pass Yield

Figure A.35: Evaluation of Lead time

Figure A.36: Evaluation of Material consumption
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Figure A.37: Evaluation of Total material emissions

Figure A.38: Evaluation of Production cost

Figure A.39: Evaluation of Scrap cost

Figure A.40: Evaluation of Rework ratio
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Figure A.41: Evaluation of Throughput per hour

A.3.1 Results for 25-75 demand scenario

Figure A.42: Evaluation of Throughput

Figure A.43: Evaluation of Energy consumption
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Figure A.44: Evaluation of Energy consumption

Figure A.45: Evaluation of Energy emissions per part

Figure A.46: Evaluation of First Pass Yield
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Figure A.48: Evaluation of Material consumption
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Figure A.51: Evaluation of Scrap cost

Figure A.52: Evaluation of Rework ratio
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Figure A.54: Evaluation of Throughput per hour
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Figure A.57: Evaluation of Utilization efficiency of station 3
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Figure A.58: Evaluation of Utilization efficiency of station 4

Figure A.59: Evaluation of Utilization efficiency of Quality check

Figure A.60: Evaluation of Utilization efficiency of all the stations
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Figure A.61: Evaluation of Energy utilization at all the stations

A.3.2 Results for 75-25 demand scenario

Figure A.62: Evaluation of Throughput

Figure A.63: Evaluation of Energy consumption
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Figure A.64: Evaluation of Energy emissions

Figure A.65: Evaluation of Energy emissions per part

Figure A.66: Evaluation of First Pass Yield

Figure A.67: Evaluation of Lead time
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Figure A.68: Evaluation of Material consumption

Figure A.69: Evaluation of Total material emissions

Figure A.70: Evaluation of Production cost
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Figure A.71: Evaluation of Scrap cost

Figure A.72: Evaluation of Rework ratio

Figure A.73: Evaluation of Scrap ratio
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Figure A.74: Evaluation of Throughput per hour

Figure A.75: Evaluation of Utilization efficiency of station 1

Figure A.76: Evaluation of Utilization efficiency of station 2

Figure A.77: Evaluation of Utilization efficiency of station 3
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Figure A.78: Evaluation of Utilization efficiency of station 4

Figure A.79: Evaluation of Utilization efficiency of Quality check

Figure A.80: Evaluation of Utilization efficiency of all the stations
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Figure A.81: Evaluation of Energy utilization at all the stations

A.4 Results of Experimental scenario 1

A.4.1 Results for 50-50 demand scenario

Figure A.82: Evaluation of Throughput
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Figure A.84: Evaluation of Energy emissions

Figure A.85: Evaluation of Energy emissions per part

Figure A.86: Evaluation of First Pass Yield
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Figure A.87: Evaluation of Lead time

Figure A.88: Evaluation of Material consumption

Figure A.89: Evaluation of Total material emissions
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Figure A.90: Evaluation of Production cost

Figure A.91: Evaluation of Scrap cost

Figure A.92: Evaluation of Rework ratio
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Figure A.93: Evaluation of Scrap ratio

Figure A.94: Evaluation of Throughput per hour
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Figure A.97: Evaluation of Utilization efficiency of station 3

Figure A.98: Evaluation of Utilization efficiency of station 4

Figure A.99: Evaluation of Utilization efficiency of Quality check

Figure A.100: Evaluation of Utilization efficiency of all the stations
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Figure A.101: Evaluation of Energy utilization at all the stations

A.4.2 Results for 25-75 demand scenario

Figure A.102: Evaluation of Throughput

Figure A.103: Evaluation of Energy consumption
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Figure A.104: Evaluation of Energy consumption

Figure A.105: Evaluation of Energy emissions per part

Figure A.106: Evaluation of First Pass Yield

Figure A.107: Evaluation of Lead time
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Figure A.108: Evaluation of Material consumption

Figure A.109: Evaluation of First Pass Yield

Figure A.110: Evaluation of Production cost
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Figure A.111: Evaluation of Scrap cost

Figure A.112: Evaluation of Rework ratio

Figure A.113: Evaluation of Scrap ratio
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Figure A.114: Evaluation of Throughput per hour

Figure A.115: Evaluation of Utilization efficiency of station 1

Figure A.116: Evaluation of Utilization efficiency of station 2

Figure A.117: Evaluation of Utilization efficiency of station 3
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Figure A.118: Evaluation of Utilization efficiency of station 4

Figure A.119: Evaluation of Utilization efficiency of Quality check

Figure A.120: Evaluation of Utilization efficiency of all the stations
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Figure A.121: Evaluation of Energy utilization at all the stations

A.4.3 Results for 75-25 demand scenario

Figure A.122: Evaluation of Throughput

Figure A.123: Evaluation of Energy consumption
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Figure A.124: Evaluation of Energy emissions

Figure A.125: Evaluation of Energy emissions per part

Figure A.126: Evaluation of First Pass Yield

Figure A.127: Evaluation of Lead time
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Figure A.128: Evaluation of Material consumption

Figure A.129: Evaluation of Total material emissions

Figure A.130: Evaluation of Production cost
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Figure A.131: Evaluation of Scrap cost

Figure A.132: Evaluation of Rework ratio

Figure A.133: Evaluation of Scrap ratio
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Figure A.134: Evaluation of Throughput per hour

Figure A.135: Evaluation of Utilization efficiency of station 1

Figure A.136: Evaluation of Utilization efficiency of station 2

Figure A.137: Evaluation of Utilization efficiency of station 3
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Figure A.138: Evaluation of Utilization efficiency of station 4

Figure A.139: Evaluation of Utilization efficiency of Quality check

Figure A.140: Evaluation of Utilization efficiency of all the stations
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Figure A.141: Evaluation of Energy utilization at all the stations
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B.1 Methods for Programming Model Behaviour

This section provides insights on how the DES model was created on Plant sim-
ulation using the programming language SimTalk2.0 for modelling the production
system’s behaviour. Although all the methods are not explained in detail due to
confidentiality reasons, the methods for creating a base model frame has been ex-
plained in detail in this section. The following Figure B.1 depicts the code used in
plat simulation for creating the MU’s or as in this case the drones. The two different
drone variants are distinguished by colour coding the MU’s using vector graphics in
the simulation model.

Figure B.1: Program for creating parts or MU’s

The following Figure B.2 depicts the code used in Plant simulation for creating the
individual components that have to be assembled on top of each other to make a
drone. Both the creation of the MU’s and its respective components are randomized
in this case.
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Figure B.2: Program for creating components

The following Figure B.3 is called within the methods for creating components.
This was done so that the quality of the parts which was assumed to have a scrap
rate of 1% from the supplier could be set prior to simulation start as in real-world
situations. The rework rate was set to 4% so that the model could conform with
the 5% defected quality products as in case of the real world production system’s.

Figure B.3: Program for setting the Quality of Production System

The following Figure B.4 depicts the program used to set-up the assembly stations.
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The program is flexible and can be easily modified. The assembly stations can either
be set as a manual station using normal distributions or as an automated station
by using a constant distribution. Depending on the scenario and the production
stages the individual components of the drone variants are set to the corresponding
assembly stations where they shall be assembled one top of the other.

Figure B.4: Program for setting up the Assembly Stations
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